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‣ TRANSDUCTIVE VS INDUCTIVE INFERENCE
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‣ CONTEXT

◊ RS-VLMs1,2,3 rely on inductive inference where each patch is predicted individually

◊ We employ transductive inference4 to leverage the data structure within the feature space and predict all patches simultaneously

*Denotes Equal Contribution

Te
x
t

E
n

co
d

e
r « A satellite photo of a Forest »

« A satellite photo of a Farmland »

Label Confidence

Forest Farmland

Im
a
g

e
 

E
n

co
d

e
r

Embedding Space

BASELINE
Inductive Inference

PROPOSED
Transductive Inference

‣ Paper CONTRIBUTION (TL;DR)

RS-TransCLIP: Unsupervised clustering boosting Remote Sensing Vision-Language Models by 17% in only 0.3 seconds

‣ RESULTS 
➔RS-TransCLIP boosts zero-shot accuracy

even when inductive performance is high

➔While maintaining
fast inference
thanks to negligeable
computational cost
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 → Favor pair of samples with high affinity to have similar assignment variables

(B) Laplacian Regularization

 → Model the likelihood of target data as a balanced mixture of Gaussian distributions

(A) Gaussian Mixture Model Clustering

 → Prevent assignment variables to deviate significantly from initial pseudo-labels

(C) Kullback-Leibler Regularization
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