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Liquidity and Risk Sharing Benefits
from the Introduction of an ETF
Abstract
This article examines how the introduction of an ETF replicating a stock index impacts on the liquidity of the underlying stocks.  We find that index stock spreads decline, relative to those of non index stocks, after the introduction of the ETF.  Changes in adverse selection do not appear to be a major factor explaining this liquidity improvement.  We also fail to relate it to recognition effects.  By contrast, we think that it can mainly be explained by a decrease in order processing and order imbalance costs.  This is consistent with the arbitrage theory of Fremault (1991) according to which increased cross-market trading provides additional risk sharing capacity.






1.	Introduction
Exchange-traded funds (ETFs) are widely acknowledged to be one of the most useful financial innovations of the past few decades, especially for index traders.  They are essentially exchange-traded assets that represent a basket of securities comprising a particular index.  ETFs allow investors to take positions in a given market without selecting individual securities, and provide them with an opportunity to trade indices easily, in small amounts, and at very low costs.  They are thus generally not considered as redundant assets, but rather as new financial instruments that complete markets in an economic sense.  They are particularly well suited for passive investors, and combine the advantages of closed-end and open-end mutual funds with much lower expense fees.  On the one hand, as closed-end funds, ETFs can be traded throughout the day in the secondary market.  On the other hand, they can be considered as open-end mutual funds, as the creation and redemption of ETF shares are allowed.
As a result of these attractive features, ETFs are now very popular investment vehicles.  A BlackRock report[footnoteRef:1] found that the number of ETFs available worldwide at the end of 2010 was 2,459 ETFs, totaling assets under management of US $ 1,311 billion, listed on 46 exchanges.  In Europe, the ETF industry had 1,071 ETFs, with assets of US$284.0 billion, on 22 exchanges. Understanding how and why ETFs contribute to the quality of stock markets is thus of great interest.  Our research specifically investigates how the first introduction of an ETF tracking a stock index affects the liquidity of the underlying stocks.  We find that the liquidity of underlying stocks improves relative to that of non-index stocks, and that this liquidity improvement mainly occurs by means of a reduction in order processing and order imbalance costs. [1:  BlackRock (2011) ETF Landscape Industry Review, Year End 2010, 162p.] 

Investigating the liquidity effects of the introduction of ETFs is relevant not only because of the size and expansion of the ETF sector but also because of the lack of consensus about such effects in both the asset management industry and academia.  A survey of 192 European ETF users conducted in 2010 by the EDHEC-Risk Institute[footnoteRef:2] shows how mixed the views of practitioners were on this matter: 31% of the survey respondents observed an improved liquidity in the underlying market, but 35% did not.  In the academic world, previous literature also provides diverse conclusions on the liquidity effect of ETF inception.  Hegde and McDermott (2004) investigated the liquidity effects of the introduction of ETFs for the DJIA 30 and the Nasdaq 100 stock indices, the Diamonds index, and the QQQ, and found a liquidity improvement largely related to a decline in the cost of informed trading in the underlying stocks.  Richie and Madura (2007) also tested the impact of the creation of the QQQ fund on the liquidity of the component securities and the risk of the underlying securities.  They found that the liquidity improvement following the creation of the QQQ was more pronounced for less heavily weighted stocks, and that the systematic risk of the underlying stocks declined relative to a control sample.  However, using matched samples, Van Ness, Van Ness, and Warr (2005) did not find a similar improvement for the DJIA 30.  They tested the hypothesis that uninformed traders prefer to invest in the Diamond ETF rather than in the individual stocks constituting the index, and found that, following the introduction of the Diamonds ETF, the bid-ask spreads of the DJIA 30 actually increased relative to the spreads of matching stocks. However they did not find a consistent change in the adverse selection components of the spreads of the Dow stocks. [2:  EDHEC European ETF Survey 2010, EDHEC-Risk Institute Publication.] 

Based on the introduction of the Lyxor CAC 40, the first Euronext-listed ETF to replicate the French CAC 40 index, our empirical work contributes to the literature in two ways.  First, studying the inception of an ETF on Euronext may provide a new insight because of the particular market design of the ETF market segment of this exchange.  On Euronext,[footnoteRef:3] ETFs are traded in a hybrid, continuous, order-driven market, in which designated market makers, called liquidity providers (LPs), have to provide immediacy services.  Using non-public complete order book data, we show that ETF LPs contribute greatly to the liquidity of the ETF market.  Given the benefit of these LPs, liquidity effects may differ from those observed for ETFs listed on other exchanges.  Second, we compare the theories that have been put forward to explain the liquidity improvement observed for CAC 40 stocks after the introduction of the Lyxor CAC 40.  Our main contribution is to show that the tightening of index stock spreads is predominantly related to a decrease in the temporary price effect of order execution.  This is in line with Fremault’s (1991) arbitrage theory according to which cross-market trading has beneficial risk sharing effects. [3:  In 2001, the European exchange Euronext comprised the former exchanges of Amsterdam, Brussels, and Paris. It then took over the Portuguese exchanges of Porto and Lisbon. More recently, in 2007, it merged with the NYSE and is now a subsidiary of the transatlantic group Nyse-Euronext.] 

This article is organized as follows. In Section 2, we describe the Lyxor CAC 40, present its market microstructure, and assess its economic role by estimating the implicit trading costs incurred by index traders in both the market for individual stocks and the ETF market.  In Section 3, we review the theories predicting the effects of the inception of an ETF on the liquidity of the basket stocks, and derive testable hypotheses.  Those hypotheses are then tested in Section 4.  Section 5 provides a discussion of the findings and a validation of the arbitrage hypothesis, and Section 6 presents our conclusions.
2.	The Lyxor CAC 40: description, trading mechanisms, and associated cost savings
Whereas ETFs were created in the 1990s in North-America,[footnoteRef:4] they were only introduced into European markets in the early 2000s.  The Lyxor CAC 40, which tracks the performance of the CAC 40 index, was the first ETF to be listed on Euronext.  ETFs which track national indices are the most popular equity ETFs, with 16.22% of the assets under management on the European ETF market.  With €3.07 billion under management in July 2010, the Lyxor CAC 40 has now become one of the most actively traded funds on NextTrack, the Euronext segment dedicated to the listing and trading of ETFs.  For the year 2010, it ranked third, with an average daily turnover of €34.08 million and a market share of 9.26%. [4:  ETFs were first introduced on the Toronto Stock Exchange in March 1990 with the creation of TIPS (Toronto 35 Index Participation units).  This was followed in 1993 by the inception of the SPY which replicates the S&P 500 on the AMEX.  Currently, the three most active ETFs are the SPY, the QQQ which replicates the Nasdaq 100, and the DIA which tracks the DJIA 30.] 

2.1.	The Lyxor CAC 40 fund
The CAC 40 index is the flagship French stock market index and comprises forty large capitalization stocks.  It is a market-value weighted index whose composition is reviewed quarterly by an independent Index Steering Committee.  The main criteria for inclusion in the CAC 40 are market size and turnover.[footnoteRef:5]  Its base value was set to 1,000 on December 31, 1987.  It serves as an underlying asset for futures contracts and options traded on Nyse Liffe.[footnoteRef:6] [5:  At each review date, the companies listed on Euronext Paris are ranked according to their free float capitalization and turnover over the last twelve months.  From the top 100 companies in that ranking, forty are chosen to enter the CAC 40 in order to make it “a relevant benchmark for portfolio management” and “a suitable underlying asset for derivative products.”]  [6:  NYSE Liffe is the global derivatives business of the NYSE Euronext group.] 

The Lyxor CAC 40 was the first ETF created to replicate the value of the CAC 40.  It is a French mutual fund that complies with the UCITS III European directive.[footnoteRef:7]  It was issued on NextTrack, on January 22, 2001, by Lyxor, a subsidiary of Société Générale.  One unit of the ETF is worth 1/100 of the index and the objective is to track the index return.  Several replication mechanisms can be employed by the fund manager in order to minimize the tracking error: physical replication, statistical sampling or swap-based replication.  Lyxor systematically uses swap-based replication to manage the replication risk of its ETFs.[footnoteRef:8]  The fund invests in a broad basket of stocks (as many as 90 for the CAC 40 ETF)[footnoteRef:9] and swaps the performance of the basket against the performance of the index.  The swap counterparty for Lyxor is always the parent bank, Société Générale.  With such a mechanism, the investor bears almost no replication risk,[footnoteRef:10] but supports the counterparty default risk associated with the market value of the swap.  Management fees are no more than 0.25% per year and no entrance or exit fees are charged.  This allows investors to buy the index with perfect replication, even for small amounts, at low fees, and without the constraints of derivative markets (such as deposits and margin calls). [7:  UCITS (Undertakings for Collective Investment in Transferable Securities) are a set of European Union (EU) directives that aim to allow collective investment schemes to operate freely throughout the EU on the basis of a single authorisation from one member state. UCITS rules apply to funds marketed to retail investors.]  [8:  See Paul Amery (2008) ‘More on counterparty risk (swap-based ETFs)’, www.indexuniverse.eu.]  [9:  See Lyxor ETF CAC 40 (2010), FCP – Rapport annuel, exercice clos le 30/07/2010.]  [10:  The tracking error never exceeds 1%.] 

Subscriptions and redemptions for units in the fund are possible through transfer of shares or can be made exclusively in cash.  The request must be transmitted to Société Générale’s Securities and Stock Market Department during a trading day, for execution based on the net asset value published on this trading day.  Subscriptions/redemptions are carried out for a whole number or fund units, corresponding to a minimum of €100,000 and charged €10,000 per subscription/redemption request.  For subscription through transfer of shares, the subscriber must deliver a basket of shares making up the CAC 40 index (round down to the nearest share), plus an amount in cash in EUR (the “balance”).  The cash balance solve the rounding problem and is equal to the difference between the net asset value of one unit multiplied by the number of units subscribed and the value of the shares delivered.  The reverse mechanism is applicable for redemption through transfer of shares.  Those primary market operations are effectively used by investors: from July 2009 to July 2010, €2.8 billion of subscription and €3.0 billion of redemption were registered, these amounts being comparable to the value of assets under management.[footnoteRef:11] [11:  While significant, volumes traded in the primary market remain very small in comparison with trading volumes in the secondary market.] 

2.2.	Trading mechanisms
The European stock markets of Nyse-Euronext currently rank among the most important trading venues in Europe. They rely on a homogeneous order-driven structure.  The CAC 40 stocks are traded continuously in the Euronext electronic order book.  The trading day starts with a call auction at 9.00 a.m. following a pre-opening phase beginning at 7.15 a.m.  Then the market switches over to continuous trading and closes with a call auction at 5.30 p.m. following a five-minute pre-closing period.  Both opening and closing prices are set by matching the supply and demand curves and selecting the price that maximizes the trading volume.  The continuous trading system enforces a price-time order priority rule to arrange trades.
ETFs listed on NextTrack are also continuously traded but their trading session is delayed by five minutes relative to the cash stock market session, so that the price discovery process on underlying stocks precedes that on ETFs.  In spite of its similarity with the cash market microstructure, the ETF market is different in two respects.
First, while CAC 40 stocks are traded in a pure limit order book market, market members may act as LPs on NextTrack.  As market specialists for their stocks, LPs have a business agreement with Euronext whereby they undertake to quote two-way bid and ask prices in the limit order book, with a minimum volume and within a maximum spread.  They commit to maintaining a spread of firm bid and offer prices during the fifteen minutes preceding the market opening, and then throughout the trading day, including the order accumulation period preceding auctions.  In return for those commitments, orders placed by LPs and their resulting trades are subject to tariff benefits which are conditioned on their performance in providing liquidity, and may not exceed 50% of explicit trading fees.  LPs benefit from the maximum fee reduction of 50%, provided that they comply with 80% of their commitments in terms of quote time, quoted spreads, and quoted quantities.
Second, a large portion of the ETF order flow is executed in the over-the-counter market by LPs. As the Markets in Financial Instruments Directive (MiFID)[footnoteRef:12] does not apply to ETF trading, there is no commitment to post-trade transparency for those OTC trades. [12:  The MiFID is a European Union law which provides a harmonized regulatory regime for investment services across the 30 member states of the European Economic Area (the 27 Member States of the European Union plus Iceland, Norway and Liechtenstein). The main objectives of the Directive are to increase competition and consumer protection in investment services. As of November 1 2007, it replaced the Investment Services Directive.] 

2.3.	Cost savings related to the ETF and LPs’ contribution
We assess the economic relevance of ETFs by comparing the implicit transaction costs associated with the Lyxor CAC 40 with those associated with the CAC 40 stock basket. Our analysis is based on the database used by De Winne and D’Hondt (2007).  This database contains very detailed order book data during October 2002.  Our sample contains the CAC 40 stocks and the Lyxor CAC 40 security.  We know exactly what is registered in the limit order book for a given stock at every second: the set of the five best bid/ask quotes, both displayed and hidden quantities associated with these quotes, and the portion of these quantities stemming from client orders, principal orders, and LP orders.  Additional information[footnoteRef:13] about this database and about the process used to build the limit order book can be found in De Winne and D’Hondt (2007). [13:  A note describing the methodology applied to build the limit-order book from Euronext order and trade files is available on request.  The analysis performed in this section relies on the availability of such detailed data, which in turn justifies the choice of this particular period.] 

Using these order book data, we compare the cost of a round-trip trade in the CAC 40 stock basket and in the CAC 40 ETF.  As suggested by Irvine, Benston, and Kandel (2000), an ex-ante liquidity measure is useful to indicate the upper bound of the transaction cost at which an order can be immediately executed.  Of course, we know that many traders will try to obtain a better price for the whole bundle of shares by splitting their orders, but the cost of a round-trip trade (CRT) gives some idea of the implicit costs that can be expected from a naive order placement strategy. At any given point in time t, the CRT for a trade size T corresponds to the difference between the cost of buying T shares of a stock i (BT,i,t) and the amount received from selling these T shares (ST,i,t).  For the purpose of comparison across stocks or across trade sizes, this difference is divided by the value of these T shares at the mid-point.  The CRT for a trade size of T shares of stock i at time t is therefore computed as:
	
,
	(1)


where both displayed and hidden orders are taken into account.[footnoteRef:14] [14:  On Euronext and NextTrack, hidden orders are allowed and undisclosed depth is likely to lower this cost compared with the cost that might be expected from the depth displayed on the screens.] 

For each stock in our sample and for the ETF, we computed this measure for every time a new order was placed.  We measured the CRT for 5,000 and 50,000 shares of the Lyxor CAC 40.  According to the weight of each stock in the CAC 40 index measured at the opening auction every day, we computed the corresponding number of shares to be traded for 5,000 and 50,000 shares of the ETF.  These numbers were then used to measure the CRT of individual stocks according to Equation (1). For each trading day, we first averaged the CRTs in every stock and then computed the average CRT of the basket according to the stock weights on that day. Finally, we averaged the daily CRTs across the 23 trading days in October 2002 to obtain the basket CRT. 
Since the Lyxor CAC 40 security is traded in a hybrid market where LPs with market-making contractual commitments interact in the order book, we also estimated the relative contribution of LPs to the market liquidity using the 432,266 order book states observed for the ETF security during that month. Average relative quoted spreads, average depths at the first and the five best limits, as well as relative CRTs for 5,000 and 50,000 shares, were first computed using all the orders waiting in the limit order book.  Then these measures were recomputed without the orders submitted by LPs. 
[Insert Table 1 about here]
The results are presented in Table 1. The costs associated with trading the basket of stocks appears to be higher than that associated with trading the ETF. Buying and selling the underlying stocks costs 0.21% (compared to 0.15% for the ETF) for a trade size equivalent to 5,000 ETF shares, or 0.27% (compared to 0.21%) for a trade size of 50,000 ETF shares. Translated into monetary units, these differences represent about €100 and €1,000 respectively for the equivalent of 5,000 and 50,000 ETF shares. Comparing the two last columns shows that LPs contribute greatly to the liquidity of the ETF market. Omitting orders placed by LPs multiplies the CRT by a factor of about four.[footnoteRef:15] [15:  This result is actually downward biased, since, for some states of the order book, CRTs were not computed because the five best limits were insufficient for trading 5,000 or 50,000 shares.] 

3.	Related theories and testable hypotheses
Since the introduction of the Lyxor CAC 40 allows the CAC 40 index to be traded in smaller denominations and at lower costs, it may have diverse effects (such as attracting new investors to the stock market or diverting particular categories of traders from the market of the underlying stocks to the ETF market).  These effects are likely to impact the liquidity of the basket of underlying stocks, either positively or negatively.  This section presents the theoretical hypotheses that may explain how the inception of an ETF can alter the liquidity of the index components. The theories which are most often cited in the literature are the adverse selection hypothesis and the arbitrage hypothesis.  Richie and Madura (2007) also put forward the recognition hypothesis.  From these theories, we derive a set of hypotheses that will be tested in Section 4.
3.1.	The adverse selection hypothesis
The consequences of the introduction of a basket security for liquidity have been modeled by Subrahmanyam (1991) in the theoretical settings chosen by Admati and Pfleiderer (1988).  In this model, a population of informed and uninformed traders can choose to trade either in N individual asset markets or in the N-assets index stock market. Informed traders can receive two types of signals: either specific private information or systematic private information.  At equilibrium, specific-information traders preferably trade in the underlying stock market while systematic-information traders elicit the basket market for trading, and discretionary liquidity traders go to the basket market, where their losses to informed traders are expected to be lower.  
This is very similar to Gorton and Pennacchi’s (1993) model, in which less informed agents reduce their trading losses by trading in composite rather than individual securities.  As a result of reduced liquidity trading in the component securities, adverse selection costs and spreads may increase in the underlying security markets, and this increase is predicted to be more significant for securities with smaller weights in the basket than for heavily weighted securities.[footnoteRef:16]  These effects could be even more pronounced when the newly created index market involves market-making intermediaries such as the Lyxor CAC 40 LPs because this category of market participants is acknowledged to be able to skim off the most profitable orders, that is the least informed (see Easley et al. 1996). [16:  In Subrahmanyam’s model, it is profitable for informed traders with specific private information to submit orders in the index market because “possessing information about a security is tantamount to possessing noisy information about the basket”.  The greater the weight of the security in the index, the most profitable the specific-information based order in the index market.  For that reason, for large index components, the increase in adverse selection costs due to the diversion of liquidity traders from the security market to the index market may be mitigated by the diversion of a part of the security-specific informed demand to the index market.  As a result, the increase in adverse selection costs is predicted to be more strongly evident for small index components than for large ones.] 

3.2.	The arbitrage hypothesis
Introducing financial instruments derived from existing securities, such as futures, options, or ETFs, may reduce market incompleteness and expand the investment and arbitrage opportunities facing investors (Ross 1976; Hakansson 1982). If these new instruments generate additional arbitrage trading, price efficiency and liquidity in the underlying markets are improved. For instance, Kumar, Sarin and Shastri (1998) provide unambiguous evidence of improved market liquidity after option listings.  Kurov and Lasser (2002) and Deville, Gresse and Séverac (2011) have shown that index cash-futures arbitrage profits decrease in frequency and magnitude following the introduction of an ETF.
The introduction of ETFs may create arbitrage benefits in two ways.  First, assuming that markets are informationally segmented, the introduction of an index security mitigates the structural problems that beset inter-market arbitrage: it lowers arbitrage costs such as tracking errors and the randomness in the intervening dividend payoffs, and it therefore favors arbitrage trading (Hegde and McDermott 2004).  Second, upon introduction of the ETF, traders or ETF LPs can exploit new arbitrage opportunities by creating and redeeming shares in the new ETF (Richie and Madura 2007).  However, the arbitrage opportunities resulting from the creation and redemption of ETF shares seem difficult to exploit on the Lyxor CAC 40, because of the prohibitive costs charged in the ETF primary market.[footnoteRef:17] New arbitrage opportunities should essentially arise in the ETF secondary market. [17:  A minimum number of 50,000 units is required to create or redeem ETF shares.  Each subscription request is charged €10,000.] 

Fremault (1991) modeled the benefits of arbitrage between cash and futures index markets under rational expectations, and showed that increased index arbitrage:
1.	adds liquidity and allows risk to be reallocated from hedgers of one market to speculators on another market;
2.	adds risk bearing capacity to markets and provides buying and selling support in markets order imbalances;
3.	has a stabilizing effect on prices if the variances of aggregate supply in the respective markets are not too divergent.
If we transpose this theory to the introduction of an ETF, arbitrage trading across the underlying-stocks market and the ETF market should improve stock liquidity by allowing risk to be reallocated between the markets, and reducing the impact of order imbalances.  This risk sharing effect could be greater for an ETF market whose structure involves LPs if the LPs contribute to the risk allocation process.
3.3.	The recognition hypothesis
The inclusion of a stock in an index is generally accompanied by a positive permanent price increase (see, for example, Beneish and Whaley 1996; Harris and Gurel 1986) and an improvement in liquidity (Hegde and McDermott 2003).  Chen, Noronha, and Singal (2004) consider that those positive effects are consistent with Merton’s (1987) investor recognition theory, because the price responses to additions to and deletions from the S&P 500 index is asymmetric, with no permanent price decrease following index deletions.  According to Merton (1987), with increased investor recognition, the shareholder base broadens, resulting in lower required returns and higher liquidity.  Investor awareness of a stock increases following its addition to the index, which results in a positive price response.  Because investor awareness does not necessarily decrease after a deletion from the index, the opposite effect is not found.
With the introduction of an ETF on a stock index, similar recognition effects may occur.  First, the inception of an ETF is an unusual event that may attract the attention of investors to index securities, and thereby induce new investors to trade in them (Barber and Odean 2008).  Second, the inception of an ETF gives the index components some useful publicity.  As shown by Grullon, Kanataas, and Weston (2004), increased advertising results in increased stock liquidity because new-found individual and institutional investors participate in the market.  The recognition hypothesis thus predicts increased liquidity after the inception of an ETF, and this effect is expected to be more pronounced for index components that were less traded prior to the ETF introduction, that is the smallest components of the index (see Richie and Madura 2007).
3.4.	Testable hypotheses
According to the adverse selection hypothesis, the liquidity of the basket of stocks is reduced after the introduction of the ETF, because adverse selection increases in the cash stock market.  This theory can be examined by testing the hypotheses that:
immediately after the inception of the ETF,
H1a. 	the trading volumes of index stocks decrease relative to those of non-index stocks;
H2a. the spreads and depth of index stocks deteriorate relative to those of non-index stocks;
H3. 	the adverse selection costs of index stocks increase relative to those of non-index stocks;
H4. 	provided H3 holds, adverse selection costs increase more for stocks with smaller weights in the index.
Alternatively, according to the arbitrage and recognition hypotheses, the liquidity of the underlying stocks is improved with the introduction of the ETF, so that these two theories may hold if we find evidence to support H1b and H2b (below), which are the opposite of H1a and H2a:
immediately after the inception of the ETF,
H1b.	the trading volumes of index stocks increase relative to those of non-index stocks;
H2b. 	the spreads and depth of index stocks improve relative to those of non-index stocks.
According to Fremault (1991), under some market conditions, increased arbitrage trading may help stabilize prices.  This leads us to test the hypothesis that:
H5. 	immediately after the inception of the ETF, the temporary volatility of index stocks decreases relative to that of non-index stocks.
While support for H5 would favor the arbitrage hypothesis, rejecting H5 would still be compatible with Fremault’s (1991) arbitrage theory, as she identifies market conditions under which increased arbitrage does not necessarily stabilize prices.
Finally, while Fremault’s (1991) arbitrage theory does not predict any differential effect between small and large index components, the recognition effect should affect the smallest constituents most.  Subsequently, if we find support for H1b and H2b, additional evidence for the recognition hypothesis would come from support for H6:
H6. 	when support for H1b and H2b is present, the increase in liquidity is greatest for the smallest components of the index;
whereas rejecting H6 would lead us to eliminate the recognition hypothesis and retain the arbitrage hypothesis only.
4.	The impact of the introduction of an ETF on the liquidity of underlying stocks
In order to test the competing hypotheses related to the introduction of a basket security, we examined the variation in several liquidity measures for CAC 40 stocks and for a control sample on two 3-month intervals surrounding the date (January 22, 2001) of the inception of the ETF.  The pre-introduction observation period is defined as the 60 trading days between October 19, 2000 and January 15, 2001, while the post-introduction period covers the 60 trading days from February 1, 2001 to April 27, 2001.  These two observation periods do not include the two weeks immediately surrounding the inception of the Lyxor CAC 40 so as to avoid temporary liquidity effects.  After excluding securities added to and deleted from the CAC 40 index during the observation period, and a stock for which a major corporate event occurred (merger), we were left with a sample of 37 stocks.
The control sample was formed by selecting the most traded non-CAC 40 stocks in the SBF 120 index.  The SBF 120 includes the constituents of the CAC 40 index plus the next 80 most actively traded stocks listed on Euronext Paris.  In this set of 80 securities, we selected the most liquid by imposing a minimum average trading frequency of 100 trades per day, a minimum average close price of five euros, a maximum average bid-ask spread of 1%, and a minimum average daily trading volume of one million euros in the pre-ETF period.  This procedure results in a control sample of 49 stocks.  Further, since 1994, Euronext Paris has benefited from the existence of an upstairs market.  While all CAC 40 securities are eligible for block trading, not all control stocks are.  The elimination of non-eligible stocks leaves us with a control sample of 44 stocks for tests requiring upstairs-market data.  While we cannot claim that these control stocks are perfectly comparable to CAC 40 constituents, they are the best comparables we can find in the French stock market in terms of market size and liquidity.  The alternative solution of choosing as control stocks large equities traded in the other markets of Euronext, such as Euronext Amsterdam, would not be satisfactory as the national trading platforms of Euronext were not integrated and had substantial differences in the design of their trading mechanisms at the time of the Lyxor CAC 40 ETF inception.
After describing the data, we test the hypotheses derived in Section 3 by conducting univariate and multivariate analyses of liquidity and price stability measures for both the CAC 40 sample and the control sample in the pre-ETF and post-ETF periods.
4.1.	Data
The high frequency trade and quote data used in this section were extracted from the Euronext BDM (Base de Données de Marché) market database.  Trade files provided the date, time, price, and volume of each trade executed during the opening auction, the continuous session, and the closing auction.  The quote data cover best bid and ask limit prices with associated displayed quantities as posted during the trading session.  Hidden quantities are not provided.
Quote and trade timestamps are based on a second-by-second frequency.  In the best-quote files, a new record appears each time any feature of the best limits, either a price or a quantity, changes.  In the trade database, if one buy (sell) marketable order executes against n sell (buy) orders with the same limit price, then n trades with the same timestamp and price will be recorded.  In addition, each time an order is executed against a pending limit order, it modifies the best bid and ask quotes, so that a new best quote record is automatically produced with the same timestamp as the trade from which it results.  If a trade is executed against several orders, there will be several successive quotes produced by the trade and they will be recorded in chronological order in the quote file.
We aggregated trade records with the same timestamp and price into a single trade record.  When several quote records had the same timestamp, we kept the last one recorded in the best quote file.  When ordering trades and best quotes, if a trade and a quote had the same timestamp, the quote was considered as following the trade.  Trades were then signed according to their price relative to the prevailing mid-quote at the time of the trade.  Like Lee and Ready (1991), we considered trades whose prices were higher than the mid-quote to be buyer-initiated and those whose prices were lower than the mid-quote to be seller-initiated.
Euronext defines a normal block size (NBS) to stocks that are eligible for block trading. The NBS is the minimum share quantity to which the block trading procedure applies.  Euronext continuously reports the bid-ask spread that would result from buying and selling the NBS against orders in the order book.  This spread, designated hereafter as the block spread, is obtained by weighting the different bid and ask limit prices hit to execute the NBS with associated quantities.
4.2.	Univariate analysis
The univariate analysis consists of testing the difference between the pre-ETF and the post-ETF observation periods in the cross-sectional means of several variables. We performed statistical tests in two ways: first, the cross-sectional means of each variable were compared for the CAC40 sample and for the control sample in the pre- and post-ETF periods, using a paired t-test.  We tested both for the difference in the absolute and the percentage variation.  Second, we used a difference-in-differences approach to compare cross-sectional absolute and percentage variations from the pre-ETF to the post-ETF period across samples.   The variables reported in Tables 2 to 4 do not always exhibit similar level for the CAC 40 and the control sample stocks.  For that reason, the results of the difference in differences tests based on the percentage variation are more economically meaningful. 
In order to test hypotheses H1a, H1b, H2a, and H2b, we started by considering measures related to trading volumes, trading frequency, spreads, and depth.  The average daily trading volume in euros, the total trading volume in number of shares, the average daily number of trades, and the average trade size were measured by the volume and trading frequency.  According to H1a, there should be a significant decrease in measures of volume for the CAC 40 sample, with no similar effect for the control sample.  Conversely, H1b predicts a significant increase in measures of volume for the CAC 40 sample. We then compared bid-ask spread measures.  The average quoted spread for stock i over a given sub-period is computed on a time-weighted basis as follows:
	
,
	(2)







where, , and are respectively the best bid, best ask, and middle prices at the time of the nth quoted spread for stock i;  designates the number of seconds for which the nth quoted spread was in effect in the market for stock i; and is the number of quoted spreads for stock i during a given sub-period. Specific reference to the sub-period in the notation has been omitted for the sake of brevity.
The average effective spread is defined as:
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where ,and  are respectively the sth transaction price for stock i,  the middle price prevailing before the sth transaction and the sign of the trade (+1 if the trade is buyer-initiated and –1 if the trade is seller-initiated), and  is the number of trades for stock i during the sub-period.
For stocks eligible for the block trading procedure, we compute the time-weighted average of their adjusted block spreads (ABS) as:
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where,and are respectively the mth block spread (as a percentage of the mid-price) for stock i, the time for which the mth block spread prevails in the market for stock i, and the normal block size defined by Euronext at the time of the mth block spread, and  is the number of block spreads reported for stock i during the sub-period. We chose to normalize the block spread by the normal block size prevailing on the day under consideration because normal block sizes change for several stocks during the sample period.  Those changes mechanically impact the size of the block spread and are likely to bias variation tests.  We then multiplied this quantity by a scaling factor of 100,000 for convenience of presentation.
We also examined the market depth, as measured by the euro volumes associated with the best limits, as
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where  is the number of shares demanded at the best bid price and  is the number of shares offered at the best ask price at the time of the nth quoted spread for stock i.  Finding a significant increase in spread measures and a significant decrease in depth measures for the CAC40 stocks, in comparison with the control stocks, would be in favor of H2a, while the opposite would support H2b.
Tests of H3 are based on information asymmetry measures.  Following Aktas, de Bodt, Declerck, and Van Oppens (2007), we used the relative order imbalance (OIB) as a proxy for the probability of information-based trading (PIN) introduced by Easley, Kiefer, O’Hara, and Paperman (1996).  The average order imbalance for stock i during a given period was calculated as a percentage of the euro traded volume:
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where is the unsigned quantity of the sth transaction for stock i.  This measure is complemented by spread decomposition methods to distinguish the non-informational (inventory and order processing) and the informational component of the spread.  We used two alternative methods: (1) the decomposition of the effective spread into a realized spread and a permanent price impact within a given time interval (see Bessembinder and Kaufman 1997); and (2) the approach of Lin, Sanger and Booth (1995) (hereafter, LSB).[footnoteRef:18]  An increase in the permanent price impact and the LSB adverse selection component for the CAC 40 stocks, in comparison with the control stocks, would support H3. [18:  Huang and Stoll’s (1997) two- and three-factor spread decomposition models were also tested, but we experienced convergence problems for some stocks. Thus an average coefficient across stocks could not be computed.] 

Using the notations introduced above, the proportion of asymmetric information was measured by the average price impact at an x-minute interval, calculated for stock i:
	
,
	(7)


As there is no unanimous choice of the benchmark price to be used after a transaction, we measured the price impact at three time horizons: 5, 15 and 30 minutes.  The corresponding non-informational cost was measured by the realized spread at an x-minute interval, defined for stock i as:
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The LSB adverse selection component was estimated as the sensitivity,  of mid-price revisions to trade directions, using the following regression model for each stock i:
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We used the same estimation procedure as in Lin, Sanger and Booth’s (1995) original paper (i.e. we ran Regression (9) using the log prices);  is the mid-price valid at the (s+1)th transaction.  Adverse selection costs were then estimated as a part of the spread by multiplying  by the average effective spread of stock i, ESi , as defined in Equation (3).  The extent of order persistence θ was captured through the following regression run for each stock:
	
,
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where the disturbance terms e and η are uncorrelated. The expected profit as a fraction of the effective spread when submitting an order is .  Multiplying  by the average effective spread ESi provides the part of the spread reflecting order processing costs.
The results of the paired t-tests reported in Table 2 indicate an improvement in liquidity at the best-limit level, with a significant reduction in average quoted spreads and effective spreads, and a significant increase in the best-limit depth for the CAC 40 stock sample.  The variations of those measures are not significant for the control sample.  The reduction in spreads for the CAC 40 stocks cannot be attributed to an increase in the daily number of trades.  Only the number of traded shares increased significantly in level and in percentage for the index stocks after the ETF inception.  The difference-in-differences tests on the percentage variations show a significant reduction in spreads and an increase in the number of trades and traded shares for the CAC 40 sample stocks, relative to the control sample stocks.  There was an opposite liquidity effect at the upper limits, for both the CAC 40 and the control samples: adjusted block spreads widened significantly in the post-ETF period, meaning that the cost of immediacy on  large trades increased for all stocks.  The post-ETF increase in the mean adjusted block spread as a percentage of the mid price was larger for the control stocks.  However, the difference-in-differences test on percentage variations shows that this increase was significantly higher for the CAC 40 stocks.
[Insert Table 2 about here]
Comparative results for the relative order imbalance and the spread components are presented in Table 3. The relative order imbalance and the price impact at various time intervals give convergent results: adverse selection costs did not vary significantly before and after the inception of the ETF, showing that information asymmetry in individual stocks did not increase when the basket security was introduced.  The LSB spread decomposition even shows a decrease in the adverse selection component of the spread for the CAC40 sample stocks.  Moreover, the realized spread at various time intervals and the order processing cost significantly diminished during the second sub-period for the CAC 40 sample stocks, with no similar effect for the control sample stocks.
[Insert Table 3 about here]
To test H5, we compared the variance ratios of the returns from the CAC 40 and control stocks in the pre- and post ETF periods (see Table 4).  We considered three variance ratios: the variance of 1-minute returns divided by that of 5-minute returns; the variance of 1-minute returns divided by that of 30-minute returns; and the variance of 5-minute returns divided by that of 30-minute returns.  1-minute, 5-minute and 30-minute returns were computed between 9.15 a.m. and 5.15 p.m.  The temporary price volatility of index stocks decreased significantly after the introduction of the ETF when measured over very short horizons with the 1-minute/5-minute variance ratio.  The difference-in-differences approach also shows that the 1-minute/30-minute variance ratio decreased more for index stocks than for others at the 10% significance level.  Yet no significant change is found for the 5-minute/30-minute ratio.  This does not give strong economic support to the hypothesis that the introduction of the ETF has a price stabilization effect.
[Insert Table 4 about here]
4.3. Multivariate analysis
The univariate tests conducted on spreads, depth, price impact, and variance ratios were complemented by multiple panel regressions that controlled for volatility, trading volume, price level, and order imbalance.  We considered nine dependent variables: (1) the time-weighted average of the relative quoted spread; (2) the average of the relative effective spread; (3) the average time-weighted adjusted block spread; (4) the time-weighted mean of the quantities available at the best-limit quotes, measured in euros and taken in logarithms, referred to as the best-limit depth; (5) the average realized spread over a 5-minute time interval; (6) the average 5-minute price impact; (7) the 1-minute/5-minute variance ratio; (8) the 1-minute/30-minute variance ratio; and (9) the 5-minute/30-minute variance ratio.  We computed these variables on a daily basis for the 37 CAC 40 stocks and the 49 stocks in the control sample. We thus have 86 stocks with 120 daily observations per cross-section.  For regressions of the adjusted block spreads, the number of stocks was reduced to 81 due to the non-availability of this variable for 5 of the control stocks.
All panel regressions are run with a one-lag autocorrelation term per stock in the residuals following Parks’ (1967) method, except those of variance ratios for which a one-fixed-effect methodology with no auto-correlation is more appropriate.[footnoteRef:19]  For each dependent variable, denoted DVit on day t for stock i, the regression model is initially designed as follows: [19:  First, due to some missing values, the series of variance ratios are unbalanced, so that the Parks method cannot be implemented.  Second, including an auto-correlation term in the regressions of variance ratios is unnecessary as these ratios are not significantly auto-correlated from day to day.  Further, Hausman tests lead to reject the random-effects hypothesis.  For those reasons, we chose to run one-fixed-effect regressions.] 
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In Equation (11): i,t denotes the price range calculated as the difference between the highest and lowest price, divided by the lowest price during day t for stock i; lnVi,t is the logarithm of the euro volume traded on stock i at date t; lnPi,t is the logarithm of stock i’s open price on day t; OIBi,t is the absolute value of the difference between sell trade volumes and buy trade volumes as a proportion of the total trade volume for stock i on day t; ETFt is a dummy variable that is set to 0 on dates preceding the introduction of the ETF and 1 on later dates; CAC40i is a binary variable that is set to 1 if stock i belongs to the CAC 40 index, and 0 otherwise; wi is the weight of stock i in the CAC 40 index expressed as a decimal at the ETF inception date when i is a CAC 40 stock, 0 otherwise;  is an auto-correlated residual term[footnoteRef:20] in which the i coefficient is fixed per stock and .  The Parks regression method also accounts for heteroscedasticity () and contemporaneous correlation (). [20:  This term is reduced to a white noise with no auto-correlation in the regressions of variance ratios. In addition, the variance-ratio regressions include a stock fixed effect.] 


Regression model (11) is then refined by combining each control variable with the ETFt binary variable, the CAC40i binary variable, and the  dummy product in the following way:
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Non-zero b2, c2, d2, and e2 coefficients would indicate that the sensitivity of CAC 40 stocks to the controls differs from that of non-index stocks.  Coefficients b3, c3, d3, and e3 test for a potential change in the control variable coefficients in the post-ETF period for all stocks, while b4, c4, d4, and e4 test whether index stocks underwent a specific change in these sensitivity coefficients in comparison with control stocks.
According to H2a, the total value of g + hwi should be significantly positive when DVit is a spread measure and significantly negative when DVit is the best-limit depth, whereas H2b predicts the opposite.  Finding a positive value for g + hwi in the regressions of the price impact would support H3.  Finding that these positive values are, in addition, associated with a significantly negative value of h would provide evidence for H4.  Regressions of variance ratios test H5: a significantly negative g in these regressions would indicate a price stabilization effect of the ETF introduction for underlying stocks and would support H5.  Finally, the value of h coefficients in spread and depth regressions provides a statistical test for H6, which relates to the recognition hypothesis and predicts that the liquidity of small components of the CAC 40 index should improve more than that of large components.  The non-rejection of H6 would rely on both a statistically negative value of g + hwi plus a statistically positive value of h in regressions of spreads, and a statistically positive value of g + hwi plus a statistically negative value of h in regressions of depth.
The results of Regressions (11) and (12) are displayed in Table 5 for liquidity measures and in Table 6 for variance ratios.  The estimates of g in the basic panel regressions (Equation 11) indicate that the quoted, effective, realized, and adjusted block spreads of CAC 40 stocks decreased, with a high level of economic and statistical significance, in the post-ETF period in comparison with the control sample. The h coefficients are significantly positive at the 1% level for the four measures of spread: spreads reduced more for low-weighted index components, although the economic magnitude of this differential effect is relatively small.  The total economic impact of the introduction of the ETF on the spreads of a given stock i is represented by g + hwi, with wi ranging from 0.003526 to 0.094201.  For the quoted spreads, the estimated values of g and h are 0.0791 and 0.0088 respectively, which means that the decrease in quoted spread for the smallest CAC 40 component was 0.0791% (0.0791+0.0088×0.003526 = -0.0791 as a percentage of the mid-quote) while it was 0.0783% for the largest component.  Similar calculations for other spread measures indicate that the post-ETF decrease in spread for index stocks ranged from 0.0794% to 0.0781% for effective spreads, from 0.0420% to 0.0409% for realized spreads, and from 0.2103% to 0.2093% for the adjusted block spread.  Regarding best-limit depth, it did not change on average for index stocks after the inception of the ETF, yet the significantly positive value of h indicates a depth improvement for larger components.
[Insert Table 5 about here]




When coefficient changes across periods are taken into account (Equation 12), the tightening of index stock spreads is again evident, and has even greater economic significance, but depth is found to deteriorate.  Looking at the coefficients of the control variables combined with period and sub-sample dummies in the depth regression, we can see that volatility underwent the greatest pre/post-ETF coefficient variation, this variation being in opposite directions for CAC and non-CAC stocks.  While the sensitivity of depth to volatility in absolute terms increased for the control sample (=2.6954 in the pre-ETF period vs. =3.6262 in the post-ETF period), it significantly fell for index constituents from =3.3506 in the pre-ETF period to =2.7036 in the post-ETF period.  The non-significant decrease in depth found for CAC 40 stocks in the regression with constant coefficients (Model 11) is thus attributable to the fact that depth is less sensitive to volatility in the post-ETF period: in other words, for the same level of volatility, the market for underlying stocks is deeper in the post-ETF period.
After accounting for this change in sensitivity, index stock depth decreased on average following the introduction of the ETF.  Another difference between the two regression models is the sign of h, which is significantly negative in the regressions of spreads designed according to Equation (12): the spread reductions that were related to the introduction of the ETF but unrelated to changes in the sensitivity to control variables were more pronounced for larger components of the index.
Regressions of the price impact produced significantly negative values of g and negative values of g + hwi for all components of the CAC 40. This leads us to reject H3 and makes H4 irrelevant.
As for variance ratios, most of the coefficients of the control variables combined with the ETF and CAC 40 dummies do not significantly differ from zero in the extended regressions (Equation 12).  For that reason, we will restrict ourselves to considering Equation (11), where we found results strictly consistent with those of the univariate tests: g is significantly negative for the 1-minute/5-minute variance ratio but is not significantly different from zero for other variance ratios.  This leaves us with very weak evidence for H5.
[Insert Table 6 about here]
4.4.	Robustness checks
One stock of the CAC 40 sub-sample and three stocks of the control sub-sample were subject to corporate actions during the observation period.  Those events may have permanently affected the liquidity of the corresponding stocks, even though we applied the appropriate adjustment coefficients in the calculation of liquidity measures.  In order to check that none of our findings were driven by the impact of these corporate actions, we recalculated all the univariate and multivariate analyses, excluding the four stocks subject to corporate actions.  The conclusions remained unchanged.
In addition, we replicated the panel regressions of 5-minute realized spread and price impact for time intervals of 15 minutes and 30 minutes.  The findings are very similar to those obtained at the 5-minute horizon.
5.	Interpreting the findings and discussing the theoretical hypotheses
Difference-in-differences tests on measures of trading volumes produced strong significant results only for the total trading volume, which significantly increased for index stocks at the 5% threshold.  This allows us to reject H1a and leaves us with very weak evidence in support of H1b.  However with respect to spreads, the difference-in-differences approach and the multivariate analysis converged to show a very significant tightening of quoted and effective for CAC 40 stocks in the post-ETF period.  Adjusted block spreads of index stocks were also found to decrease significantly relative to those of non-index stocks in the panel regressions, although this was not as strongly supported by the univariate tests.  Only the paired t-test identified an improvement in depth for index stocks.  In the multivariate approach, this was shown to be fully explained by a decline in the sensitivity of the depth to price volatility after the introduction of the ETF.  Taken together, these findings provide unambiguous support for H2b and rejection of H2a.  The rejection of H1a and H2a combined with the rejection of H3 and H4 resulting from all the tests conducted on adverse selection measures clearly rules out the adverse selection hypothesis (which predicts a deterioration of index-stock liquidity following the introduction of an index security).  We found a very significant improvement in liquidity, that occurred more through the tightening of spreads (strong evidence supporting H2b) than through increased trading volumes (weak evidence supporting H1b), and both the arbitrage and the recognition hypotheses can explain this liquidity effect.
The tests of H5 based on variance ratios and those of H6 based on the differential effects for low- and heavy-weight index components were designed to bring additional evidence on the arbitrage and the recognition hypotheses.  There is very little evidence of index-stock price stabilization following the introduction of the ETF.  The analysis of variance ratios provides weak support for H5: short-term price volatility measured by the 1-minute/5-minute variance ratio significantly decreased for index stocks relative to control stocks but did not change significantly when measured with other ratios.  However, as discussed in Section 3, weak evidence for or the rejection of H5 does not rule out the Fremault’s (1991) arbitrage theory.
Differential effects for low- and heavy-weight index components (as predicted by the recognition theory) were captured through the estimates of coefficients h in the panel regressions of Table 5.  According to the negative estimated values of h in the extended regressions (Model 12) of spread measures, the liquidity improvement following the ETF inception would have been greater for larger index components so that the recognition hypothesis (H6) would be rejected.  We check this finding by building another test of H6 based on the relation between liquidity variations around the ETF introduction date for a given stock i of the index and its weight in the index wi at the time of the inception of the ETF, and we ran the following cross-sectional OLS regression on the CAC 40 stock sample:
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DVi is the pre-/post-ETF relative variation in a given liquidity measure for stock i. Measures of liquidity are the average quoted spread, the average effective spread, the 5-minute realized spread, the best-limit depth, and the adjusted block spread. The pre-/post-ETF relative variations in the average price range () and the trading volume in number of shares          () are taken as control variables.   was also regressed on wi, but the control variables were omitted in that case.  Table 7 shows the results.  The 3 coefficient does not significantly differ from zero in any of the regressions.  This finding, together with the inconclusive results of the panel regressions for coefficients h, leads us to conclude that the spread decrease which occurred for CAC 40 stocks after the inception of the Lyxor CAC 40 ETF cannot be explained by a recognition effect.
[Insert Table 7 about here]
[bookmark: begin]In contrast, the strong evidence of spread reduction for ETF underlying stocks is fairly consistent with the risk sharing benefits of cross-market arbitrage modeled by Fremault (1991).  This interpretation is reinforced by the fact that the order processing cost component of index-stock spreads decreased much more than their adverse selection costs, as shown by the paired t-test.  The findings of the tests displayed in Table 3 indicate that the average price impacts do not significantly decrease for index stocks relative to non-index stocks, while the realized spreads tighten significantly at the 1% threshold.  They also show that the decrease in the LSB order processing cost for CAC 40 stocks relative to that of other stocks was much more significant than the decrease in the LSB adverse selection costs.  Then, comparing the estimates of the single-regime regressions of effective spreads, realized spreads, and price impacts (cf. Table 5) indicates that the post-ETF decrease in the effective spread of index stocks is much more attributable to the ETF-related reduction in the realized spread, than to the 5-minute price impacts.  Let us consider a theoretical index stock with a weight in the index of 1/40.  The post-ETF decrease in its effective spread is estimated to be 0.0791 (0.0794+0.0135/40) as a percentage of the mid-quote.  The major part of this decrease is due to the decrease in its realized spread, which is estimated to be 0.0417, while only 0.0203 can be attributed to the decrease of its price impact.  The rest is explained by other factors, in particular the changes in the control variable coefficient in the post-ETF period.  This phenomenon is even more striking when the estimates of extended regressions are considered.
In addition, the extended regressions of spreads show that the CAC 40 stock spreads are less sensitive to price volatility and order imbalance in the post-ETF period – the only exception being the sensitivity of adjusted block spreads to order imbalance.  In summary: (1) spreads are less sensitive to factors creating inventory costs (price volatility and order imbalances); (2) the order processing and order imbalance costs of index stocks reduce more than their adverse selection costs.  We therefore conclude that the opening of the ETF market contributes to improving the liquidity of underlying securities by means of positive risk sharing effects because it plays the role of a new liquidity pool which helps reduce order imbalances incurred by index traders.
6.	Conclusion
Using detailed data from the French stock market, we tested the impact of the introduction of the first ETF replicating the CAC 40 index on the liquidity of the underlying securities.  By analyzing ETF and index stocks order book data over one month, we showed that trading the ETF is less costly than trading the index in the market for index components, and that ETF LPs are substantially responsible for this relative advantage.  More importantly, using high-frequency data for a sample of index stocks and for a control sample of stocks over the six months surrounding the date on which the ETF was introduced, we examined the change in the liquidity of the underlying stocks through a difference-in-differences approach and a multivariate panel approach. We explored the theories that could possibly explain this change.
Consistent with the findings of Hegde and McDermott (2004) and Richie and Madura (2007), and unlike those of Van Ness, Van Ness, and Warr (2005), we found that index-stock spreads tighten more than non-index stocks after the introduction of the ETF.  Nevertheless, our conclusions are not the same as Hegde and McDermott’s (2004) in that we did not find that adverse selection was the main factor explaining the liquidity improvement.  Our conclusions also differ from Richie and Madura’s (2007) in that we failed to show that Merton’s recognition theory could generate the liquidity gains.  On the contrary, we established that the index-stock spread reduction is essentially driven by a decrease in the temporary price impact of trades or, in other words, is due to a decrease in the order processing and order imbalance cost component of spreads.  Although we did not find strong evidence of price stabilization, we consider that our empirical findings are consistent with the arbitrage theory of Fremault (1991) according to which increased arbitrage trading between individual stock markets and index security markets adds risk bearing capacity to markets and provides buying and selling support to order imbalances.
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Table 1
Comparing the cost of trading the CAC 40 index in the stock market and the Lyxor CAC 40 market
	
	Basket of index stocks
	With LPs
	Without LPs

	Relative quoted spread
	---
	0.13%
	0.62%

	Depth at the best limit
	---
	45,763
	9,540

	Depth at the five best limits
	---
	225,059
	23,800

	CRT for 5,000 shares in %
	0.21%
	0.15%
	0.56%

	CRT for 50,000 shares in %
	0.27%
	0.21%
	0.80%


Note: This table shows the time-weighted averages of the relative quoted spread and the quoted depth in the number of shares for the Lyxor CAC 40 security, and it compares the cost of a round-trip trade (CRT) in the ETF market with that of a trade of the same size in the underlying stocks market.  Depth is measured at the best-limit level and at the five-best-limit level, and refers to the total of displayed and hidden quantities.  CRTs are computed for the equivalent of 5,000 and 50,000 shares on the Lyxor CAC 40.  The spreads, depth, and CRTs of the ETF were computed using all the orders waiting in the limit order book, both including (With LPs) and excluding (Without LPs) those placed by LPs. The statistics are based on the detailed order book data recorded during October 2002.



Table 2
A comparison of liquidity measures before and after the introduction of an ETF
	
	CAC 40 sample 
	Control sample
	Difference in differences

	
	Absolute mean variation
	% mean variation
	Absolute mean variation
	% mean variation
	Absolute mean variation
	% mean variation

	Daily trading volume
(in thousands of  euros)
	4,368
	16.98**
	515
	2.52
	3,853
	14.47

	
	(0.2403)
	(0.0362)
	(0.4542)
	(0.6773)
	(0.3069)
	(0.1392)

	Total trading volume
(in thousands of shares)
	17,907***
	23.38***
	1,061
	5.45
	16,846**
	17.92**

	
	(0.0096)
	(0.0019)
	(0.2327)
	(0.2951)
	(0.0150)
	(0.0372)

	Daily number of trades
	55
	4.16
	-33
	-7.69**
	88
	11.85**

	
	(0.4312)
	(0.1778)
	(0.1543)
	(0.0282)
	(0.2350)
	(0.0139)

	Average trade size (in euros)
	3,023
	10.81**
	2,411**
	10.81**
	612
	0.30

	
	(0.1118)
	(0.0171)
	(0.0326)
	(0.0338)
	(0.7770)
	(0.9999)

	Quoted spreads (as % of mid-price)
	-0.0222***
	-8.92***
	0.0065
	1.73
	-0.0287*
	-10.65***

	
	(<0.0001)
	(<0.0001)
	(0.6478)
	(0.5157)
	(0.0597)
	(0.0010)

	Effective spread (as % of mid-price)
	-0.0256***
	-10.55***
	-0.0021
	-0.50
	-0.0234
	-10.04***

	
	(<0.0001)
	(<0.0001)
	(0.8821)
	(0.8421)
	(0.1244)
	(0.0014)

	Best-limit depth (in euros)
	5,382*
	11.67**
	764
	4.18
	4,618
	7.49

	
	(0.0779)
	(0.0132)
	(0.4045)
	(0.2953)
	(0.1439)
	(0.2141)

	Adjusted block spreads
(as % of mid-price)
	0.0687***
	66.17***
	0.2962***
	49.74***
	-0.2275***
	16.42**

	
	(<0.0001)
	(<0.0001)
	(<0.0001)
	(<0.0001)
	(<0.0001)
	(0.0304)


Note: For each liquidity variable, the absolute mean variation and the percentage mean variation are computed for the CAC 40 and the control samples as the equally-weighted cross-sectional mean difference between the two 60-trading-day periods surrounding the ETF inception on January 22, 2001.  The statistical test is a paired t-test on the mean difference. The p-values are reported in the table under parenthesis.  For the difference-in-differences approach, the test is an independent group t-test on the cross-sectional mean difference between CAC 40 and control stocks, based on the absolute variation and the percentage variation between the two 60-day periods. The sizes of the CAC 40 and control samples are 37 and 49 respectively, with the exception that the block spreads were only available for 44 stocks in the control sample. One, two and three asterisks (*, **, and ***) indicate statistical significance at the 10%, 5%, and 1% levels, respectively.


Table 3
A comparison of order imbalance and spread components before and after the introduction of the ETF
	
	CAC 40 sample 
	Control sample
	Difference in differences

	
	Absolute mean variation
	% mean variation
	Absolute mean variation
	% mean variation
	Absolute mean variation
	% mean variation

	Average order imbalance
	-1.6821*
	161.71*
	0.8843
	239.99**
	-2.5665
	-78.27

	
	(0.0824)
	(0.0533)
	(0.5477)
	(0.0194)
	(0.1437)
	(0.5426)

	5-min price impact
	-0.0010
	0.78
	0.0076
	1.92
	-0.0086
	-1.14

	
	(0.7612)
	(0.7569)
	(0.3748)
	(0.5572)
	(0.3477)
	(0.7827)

	5-min realized spread
	-0.0267***
	-26.23***
	-0.0109
	-3.94
	-0.0158*
	-22.30***

	
	(<0.0001)
	(<0.0001)
	(0.2173)
	(0.2309)
	(0.0933)
	(<0.0001)

	15-min price impact
	-0.0007
	1.43
	0.0090
	2.03
	-0.0097
	-0.60

	
	(0.8366)
	(0.6307)
	(0.3236)
	(0.5208)
	(0.3185)
	(0.8927)

	15-min realized spread
	-0.0270***
	-25.51***
	-0.0123
	-3.80
	-0.0146
	-21.75***

	
	(<0.0001)
	(<0.0001)
	(0.1454)
	(0.2988)
	(0.1141)
	(<0.0001)

	30-min price impact
	-0.0007
	3.02
	0.0181
	5.90
	-0.0175
	-2.89

	
	(0.8852)
	(0.4423)
	(0.1016)
	(0.1221)
	(0.1411)
	(0.5999)

	30-min realized spread
	-0.0283***
	-25.92***
	-0.0214**
	-3.54
	-0.0069
	-22.38***

	
	(<0.0001)
	(<0.0001)
	(0.0168)
	(0.2988)
	(0.4833)
	(0.0004)

	LSB adverse selection cost
	-0.0035**
	-6.03
	0.0035
	15.51
	-0.0070*
	-21.54**

	
	(0.0255)
	(0.1760)
	(0.3068)
	(0.1222)
	(0.0629)
	(0.0499)

	LSB order processing cost
	-0.0144***
	-16.72***
	-0.0021
	1.69
	-0.0123**
	-18.41***

	
	(<0.0001)
	(0.0005)
	(0.6563)
	(0.6424)
	(0.0249)
	(0.0016)


[bookmark: OLE_LINK1][bookmark: OLE_LINK2]Note: For the order imbalance and spread component measures,  the absolute mean variation and the percentage mean variation are computed for the CAC 40 and the control samples as  the equally-weighted cross-sectional mean difference between the two 60-trading-day periods surrounding the ETF inception on January 22, 2001.  The statistical test is a paired t-test on the mean difference.  The p-values are reported in the table under parenthesis.  Spread measures are expressed in percentage of the mid-price and the order imbalance is in percentage of total trading volumes.  An independent group t-test on the cross-sectional mean difference between CAC 40 and control stocks, based on the absolute variation and the percentage variation between the two 60-day periods, is used for the difference-in-differences test. The sizes of the CAC 40 and control samples are 37 and 49 respectively. One, two and three asterisks (*, **, and ***) indicate statistical significance at the 10%, 5%, and 1% levels, respectively. 
Table 4
A comparison of the variance ratios of the returns before and after the introduction of the ETF
	
	CAC 40 sample 
	Control sample
	Difference in differences

	
	Absolute mean variation
	% mean variation
	Absolute mean variation
	% mean variation
	Absolute mean variation
	% mean variation

	1-minute to 5-minute variance ratios
	–0.0090***
	-3.53**
	0.0033
	1.51
	-0.0123**
	-5.04**

	
	(0.0089)
	(0.0161)
	(0.3829)
	(0.3464)
	(0.0199)
	(0.0242)

	1-minute to 30-minute variance ratios
	–0.0020**
	-3.77
	0.0009
	3.13
	-0.0029*
	-6.90*

	
	(0.0471)
	(0.1084)
	(0.4667)
	(0.2600)
	(0.0661)
	(0.0571)

	5-minute to 30-minute variance ratios
	–0.0015
	-0.55
	0.0007
	1.12
	-0.0023
	-1.67

	
	(0.5468)
	(0.6952)
	(0.8275)
	(0.5414)
	(0.5905)
	(0.4682)


Note: For all the variance ratios reported in this table, the absolute and percentage mean variation for the CAC 40 and the control samples equals the equally-weighted cross-sectional mean difference between the two 60-trading-day periods surrounding the ETF inception on January 22, 2001.  The statistical test is a paired t-test on the mean difference.  The p-values are reported in the table under parenthesis.   An independent group t-test on the cross-sectional mean difference between CAC 40 and control stocks, based on the absolute and percentage variations between the two 60-day periods, was used for the difference-in-differences test. The sizes of the CAC 40 and the control samples were 37 and 49 respectively. One, two and three asterisks (*, **, and ***) indicate statistical significance at the 10%, 5%, and 1% levels, respectively. 



[bookmark: tables]Table 5
Panel regressions of liquidity measures
	
	Quoted spread
	Effective spread
	Best-limit depth
	Adjusted block spread
	5-min. price impact
	5-min. realized spread

	
	Estimate
	p-value
	Estimate
	p-value
	Estimate
	p-value
	Estimate
	p-value
	Estimate
	p-value
	Estimate
	p-value

	Panel A – Basic model
	
	
	
	
	
	
	
	
	
	
	
	

	Intercept
	0.9315***
	<0.0001
	0.9823***
	<0.0001
	5.6282***
	<0.0001
	0.5897***
	<0.0001
	0.3706***
	<0.0001
	0.6917***
	<0.0001

	it
	2.6501***
	<0.0001
	3.8942***
	<0.0001
	-3.4920***
	<0.0001
	2.8104***
	<0.0001
	4.0427***
	<0.0001
	0.0243
	0.2404

	lnVit
	-0.0784***
	<0.0001
	-0.0850***
	<0.0001
	0.3298***
	<0.0001
	-0.1687***
	<0.0001
	-0.0409***
	<0.0001
	-0.0505***
	<0.0001

	lnPit
	0.0090***
	<0.0001
	0.0012
	0.2785
	0.3998***
	<0.0001
	0.2646***
	<0.0001
	0.0072***
	<0.0001
	-0.0119***
	<0.0001

	OIBit
	0.0006***
	<0.0001
	0.0008***
	<0.0001
	-0.0022***
	<0.0001
	0.0008***
	<0.0001
	0.0002***
	<0.0001
	0.0006***
	<0.0001

	ETFt
	0.0291***
	<0.0001
	0.0168***
	<0.0001
	0.0182**
	0.0281
	0.2770***
	<0.0001
	0.0181***
	<0.0001
	-0.0072**
	0.0264

	ETFt×CAC40i
	-0.0791***
	<0.0001
	-0.0794***
	<0.0001
	-0.0001
	0.9918
	-0.2103***
	<0.0001
	-0.0204***
	<0.0001
	-0.0420***
	<0.0001

	ETFt×wi
	0.0088***
	<0.0001
	0.0135***
	<0.0001
	0.0669***
	<0.0001
	0.0104***
	<0.0001
	0.0021***
	<0.0001
	0.0112***
	<0.0001

	R-Square
	70.93%
	
	77.45%
	
	88.24%
	
	64.38%
	
	79.30%
	
	56.63%
	

	Panel B – Extended model
	
	
	
	
	
	
	
	
	
	
	
	

	Intercept
	0.8620***
	<0.0001
	0.9117***
	<0.0001
	5.8933***
	<0.0001
	0.4949***
	<0.0001
	0.3120***
	<0.0001
	0.6691***
	<0.0001

	it
	2.8200***
	<0.0001
	4.6395***
	<0.0001
	-2.6954***
	<0.0001
	3.3678***
	<0.0001
	4.5872***
	<0.0001
	0.0802
	0.1515

	it× CAC40i
	-1.6855***
	<0.0001
	-3.0595***
	<0.0001
	-0.6552***
	0.0025
	-2.5679***
	<0.0001
	-2.5862***
	<0.0001
	-0.4316***
	<0.0001

	it×ETFt
	1.2079***
	<0.0001
	0.7963***
	<0.0001
	-0.9308***
	<0.0001
	1.2886***
	<0.0001
	0.6144***
	<0.0001
	0.1644**
	0.0449

	it×ETFt×CAC40i
	-1.2279***
	<0.0001
	-0.8823***
	<0.0001
	1.5778***
	<0.0001
	-1.5053***
	<0.0001
	-0.3708***
	<0.0001
	-0.3680***
	0.0001

	lnVit
	-0.0747***
	<0.0001
	-0.0851***
	<0.0001
	0.2748***
	<0.0001
	-0.1761***
	<0.0001
	-0.0380***
	<0.0001
	-0.0517***
	<0.0001

	lnVit× CAC40i
	0.0199***
	<0.0001
	0.0290***
	<0.0001
	0.0600***
	<0.0001
	0.1160***
	<0.0001
	0.0147***
	<0.0001
	0.0132***
	<0.0001

	lnVit×ETFt
	-0.0126***
	<0.0001
	-0.0123***
	<0.0001
	0.0272***
	<0.0001
	-0.0711***
	<0.0001
	-0.0034**
	0.0317
	-0.0073***
	<0.0001

	lnVit×ETFt×CAC40i
	0.0333***
	<0.0001
	0.0427***
	<0.0001
	-0.0361***
	<0.0001
	0.0588***
	<0.0001
	0.0099***
	<0.0001
	0.0326***
	<0.0001

	lnPit
	0.0258***
	<0.0001
	0.0168***
	<0.0001
	0.4136***
	<0.0001
	0.3113***
	<0.0001
	0.0129***
	<0.0001
	-0.0027*
	0.0993

	lnPit× CAC40i
	-0.0491***
	<0.0001
	-0.0526***
	<0.0001
	-0.0579***
	<0.0001
	-0.2654***
	<0.0001
	-0.0183***
	<0.0001
	-0.0296***
	<0.0001

	lnPit×ETFt
	-0.0106***
	0.0004
	-0.0142***
	<0.0001
	-0.0222***
	0.0092
	0.1284***
	<0.0001
	-0.0071***
	0.0083
	-0.0118***
	<0.0001

	lnPit×ETFt×CAC40i
	0.0221***
	<0.0001
	0.0353***
	<0.0001
	0.0705***
	<0.0001
	-0.0881***
	<0.0001
	0.0091***
	0.0007
	0.0310***
	<0.0001

	OIBit
	0.0004***
	<0.0001
	0.0008***
	<0.0001
	-0.0016***
	<0.0001
	0.0009***
	<0.0001
	0.0002***
	<0.0001
	0.0007***
	<0.0001

	OIBit× CAC40i
	0.0000
	0.7646
	-0.0003***
	<0.0001
	-0.0012***
	<0.0001
	-0.0006***
	<0.0001
	-0.0001**
	0.0488
	-0.0003***
	0.0005

	OIBit×ETFt
	0.0001
	0.4087
	0.0000
	0.7583
	-0.0002
	0.3898
	-0.0003*
	0.0562
	0.0000
	0.7571
	0.0000
	0.8283

	OIBit×ETFt×CAC40i
	-0.0003***
	0.0021
	-0.0004***
	0.0025
	0.0002
	0.4646
	0.0009***
	<0.0001
	-0.0001
	0.1443
	-0.0002*
	0.0793

	ETFt
	0.1050***
	<0.0001
	0.1249***
	<0.0001
	-0.0048
	0.9270
	0.2363***
	<0.0001
	0.0391***
	0.0085
	0.0859***
	<0.0001

	ETFt×CAC40i
	-0.3797***
	<0.0001
	-0.5467***
	<0.0001
	-0.2113***
	0.0076
	-0.2134***
	<0.0001
	-0.1145***
	<0.0001
	-0.4583***
	<0.0001

	ETFt×wi
	-0.0057***
	<0.0001
	-0.0066***
	<0.0001
	0.0672***
	<0.0001
	-0.0052***
	<0.0001
	-0.0035***
	<0.0001
	-0.0015***
	0.0100

	R-Square
	75.23%
	
	80.51%
	
	91.57%
	
	75.96%
	
	83.01%
	
	54.39%
	


Note: This table shows the estimates of panel regressions conducted on 120 daily observations for 86 stocks using the Parks method. The dependent variables are the time-weighted average bid-ask spread, the average effective spread per trade, the time-weighted average adjusted block spreads, the average 5-minute realized spread, the average 5-minute price impact, and the time-weighted average best-limit depth measured in euros and taken in logarithms.it, lnVit, lnPit, and Iit are, respectively, the price range, the euro trading volume in logarithm, the close price in logarithm, and the imbalance between buy and sell traded volumes as a percentage of the total traded volume, for stock i on day t. ETFt is a variable set to 0 before the introduction of the ETF and to 1 afterwards.  CAC40i is set to 1 for CAC 40 stocks, 0 otherwise. wi is the weight of stock i in the CAC 40 index at the ETF inception date and is set to 0 for non-CAC 40 stocks.  One, two and three asterisks (*, **, and ***) indicate statistical significance at the 10%, 5%, and 1% levels, respectively.

Table 6
Panel regressions of variance ratios
	
	1-min.-to-5-min.
variance ratio
	1-min.-to-30-min. variance ratio
	5-min.-to-30-min. variance ratio

	
	Estimate
	p-value
	Estimate
	p-value
	Estimate
	p-value

	Panel A – Basic model

	Intercept
	0.3927***
	<0.0001
	0.1352***
	<0.0001
	0.4097***
	<0.0001

	it
	-0.5712***
	<0.0001
	-0.3501***
	<0.0001
	-0.8928***
	<0.0001

	lnVit
	-0.0061***
	<0.0001
	-0.0043***
	<0.0001
	-0.0105***
	0.0002

	lnPit
	-0.0111***
	0.0051
	-0.0055**
	0.0242
	-0.0131
	0.1563

	OIBit
	0.0002***
	<0.0001
	0.0001***
	<0.0001
	0.0004***
	<0.0001

	ETFt
	-0.0004
	0.8350
	-0.0028**
	0.0222
	-0.0114**
	0.0131

	ETFt×CAC40i
	-0.0109***
	0.0042
	-0.0004
	0.8657
	0.0081
	0.3592

	ETFt×wi
	0.0020**
	0.0375
	0.0005
	0.4434
	0.0000
	0.9899

	R-Square
	13.68%
	
	9.67%
	
	4.40%
	

	Panel B – Extended model

	Intercept
	0.3659***
	<0.0001
	0.1281***
	<0.0001
	0.4134***
	<0.0001

	it
	-0.4782***
	<0.0001
	-0.2839***
	<0.0001
	-0.6605***
	<0.0001

	it× CAC40i
	-0.1150
	0.3257
	-0.1187*
	0.0984
	-0.5067*
	0.0622

	it×ETFt
	-0.0255
	0.7510
	-0.0688
	0.1634
	-0.2832
	0.1295

	it×ETFt×CAC40i
	-0.2683*
	0.0881
	0.0209
	0.8287
	0.3394
	0.3529

	lnVit
	-0.0040**
	0.0167
	-0.0047***
	<0.0001
	-0.0150***
	0.0001

	lnVit× CAC40i
	-0.0107***
	0.0016
	0.0011
	0.5918
	0.0170**
	0.0301

	lnVit×ETFt
	0.0001
	0.9645
	0.0008
	0.4102
	0.0040
	0.2994

	lnVit×ETFt×CAC40i
	0.0037
	0.3627
	-0.0026
	0.2879
	-0.0163*
	0.0830

	lnPit
	-0.0110**
	0.0166
	-0.0036
	0.2032
	-0.0062
	0.5636

	lnPit× CAC40i
	-0.0014
	0.8947
	-0.0083
	0.1931
	-0.0311
	0.1976

	lnPit×ETFt
	0.0020
	0.3952
	0.0000
	0.9736
	-0.0013
	0.8169

	lnPit×ETFt×CAC40i
	-0.0099**
	0.0296
	-0.0030
	0.2855
	-0.0029
	0.7839

	OIBit
	0.0002
	0.0002
	0.0001***
	0.0004
	0.0004**
	0.0184

	OIBit× CAC40i
	0.0003**
	0.0231
	0.0000
	0.6025
	-0.0001
	0.7857

	OIBit×ETFt
	-0.0002**
	0.0372
	0.0000
	0.9561
	0.0002
	0.4746

	OIBit×ETFt×CAC40i
	-0.0002
	0.2417
	-0.0001
	0.3717
	-0.0002
	0.6264

	ETFt
	-0.0021
	0.8911
	-0.0066
	0.4800
	-0.0308
	0.3816

	ETFt×CAC40i
	0.0071
	0.8577
	0.0375
	0.1215
	0.1648*
	0.0721

	ETFt×wi
	0.0004
	0.8067
	0.0010
	0.3399
	0.0041
	0.2784

	R-Square
	14.11%
	
	9.80%
	
	4.51%
	


Note: This table shows the estimates of panel regressions conducted on 120 daily observations for 86 stocks and run with a stock fixed effect. The dependent variables are the 1-minute/5-minute, the 1-minute/30-minute, and the 5-minute/30-minute return variance ratios.it, lnVit, lnPit, and Iit are, respectively, the price range, the euro trading volume in logarithm, the close price in logarithm, and the imbalance between buy and sell traded volumes as a percentage of the total traded volume, for stock i on day t. ETFt is a variable set to 0 before the introduction of the ETF and to 1 afterwards.  CAC40i is set to 1 for CAC 40 stocks, 0 otherwise. wi is the weight of stock i in the CAC 40 index at the ETF inception date and is set to 0 for non-CAC 40 stocks.  One, two and three asterisks (*, **, and ***) indicate statistical significance at the 10%, 5%, and 1% levels, respectively.



Table 7
Cross–sectional regressions of liquidity variations
	Dependent variable
	Intercept
	i
	Xi
	wi
	Adjusted R²

	Xi
	0.2280**
	
	
	0.2357
	–2.84%

	
	(2.20)
	
	
	(0.08)
	

	DWQSi
	–0.0796***
	0.3795***
	–0.0824**
	0.7279
	32.24%

	
	(–3.71)
	(3.97)
	(–2.50)
	(1.21)
	

	ESi
	–0.1042***
	0.4782***
	–0.0743**
	1.0751*
	46.83%

	
	(–5.32)
	(5.48)
	(–2.47)
	(1.96)
	

	RS5min,i
	–0.3064***
	0.0418
	0.0109
	1.7197
	–3.48%%

	
	(–6.59)
	(0.20)
	(0.15)
	(1.32)
	

	Di
	0.0829
	–0.0929
	0.3951***
	–2.4612
	35.63%%

	
	(1.47)
	(–0.37)
	(4.55)
	(–1.56)
	

	ABSi
	0.7488***
	1.1977***
	–0.3185**
	0.5438
	28.44%

	
	(9.79)
	(3.51)
	(–2.71)
	(0.25)
	


Note: This table displays the estimates of the OLS regressions run over the 37-index-stocks sample. The relative variations of liquidity measures around the date of the introduction of the ETF are regressed on weights in the index wi.  The liquidity measures used are, in turn: the total trading volume in number of shares (Xi), the time-weighted average quoted spread (DWQSi), the average affective spread (ESi), the average 5-minute realized spread (RS5min,i), the time-weighted average best-limit depth (Di), and the time-weighted average adjusted block spread (ABSi).  The variation of the average price range (i) and the trading volume variation (Xi) serve as control variables.  t-statistics are in brackets. One, two and three asterisks (*, **, and ***) indicate statistical significance at the 10%, 5%, and 1% levels, respectively.
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