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$ Lobet et al. 2017 
     PMID: 28571940
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$ Lobet, Koevoets, Noll et al. 2017 
     PMID: 28421089
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$ Lobet, Koevoets, Noll et al. 2017 
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$ Atkinson, Lobet et al. 2017 
PMID: 29020748
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Q T L  A N A LYS I S

$ Atkinson, Lobet et al. 2017 
PMID: 29020748
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https://plantmodelling.github.io/primal/
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THE FUTURE IS  
TO COMBINE 

IMAGE ANALYSIS, 
MODELLING AND 

MACHINE LEARNING
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Presentation available on figshare

bit.ly/lobet-tokyo-2017


