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R SHINY APP

loaddata X Trainthe modal / = Analyssthe full dataset %  About ©

Test datatable contains 131 rows

Training dalatable conlains 2495 rows

Variables to use in analysis

tot_rcot_length n_primary
tot_prim_length mean_prim_lengtn
n_laterale tot_lat_lencth
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If you are happy with the accuracy of the
Random Forest, go 1o the next step. I not,
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USING CROOTBOX TO CREATE A CUSTOM
SYNTHETIC LIBRARY

1. DEFINE BASE
PARAMETER SET

/2. RUN MODEL
WITH DEVIATIONS

3. STORE PARAMETERS A
AND RSMLS

=) Schnepf et al. 2018
PMID: 29432520 & http://bit.ly/crootbox
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