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Closer than they look at first glance: A systematic review and a research 

agenda regarding measurement practices for policy learning 

 

 

Abstract 

Learning is a cognitive and social dynamic through which diverse types of actors involved in 

policy processes acquire, translate and disseminate new information and knowledge about 

public problems and solutions. In turn, they maintain, strengthen or revise their policy beliefs 

and preferences. Despite the conceptual and theoretical developments over the last years, 

concerns about the measurement of policy learning remain persistent. Based on the Preferred 

Reporting Items for Systematic Review and Meta-Analyses (PRISMA) approach, this article 

reports the results of a systematic review of the existing practices for measuring policy 

learning in the public administration and policy research. In addition to operationalizations, 

data sources, methods of analysis and levels of analysis, we examine how the reviewed articles 

deal with the processual nature of policy learning. We show that the existing measurement 

practices transcend the research streams on policy learning for the most part, which extends 

the argument developed by Dunlop and Radaelli (2018) that policy learning is an analytical 

framework of the policy process. Based on these results, we argue for more transparent 

operationalizations, discuss the strengths and weaknesses of direct and indirect measurement 

approaches, and call for more creativity in designing measurement methods that recognize 

the multilevel nature of policy learning. 
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3 
 

Closer than they look at first glance: A systematic review and a research 

agenda regarding measurement practices for policy learning 

 

INTRODUCTION 

Policy processes involve policy actors ranging from politicians and public officials to managers 

of public and private companies, members of interest groups (i.e., stakeholders, lobbyists, 

users, etc.), academics, consultants or active citizens. Policy actors acquire, translate, and 

disseminate new information and knowledge, flowing from interactions, experience, and from 

the accumulation of evidence on policy problems and solutions (Heikkila & Gerlak, 2013). As 

a result, they revise or strengthen their beliefs and preferences regarding policies over time. 

This cognitive and social dynamic of belief updating is known as ‘policy learning’ (Dunlop & 

Radaelli, 2013; Moyson et al., 2017). The purpose of this article is to systematically review the 

existing practices for measuring policy learning in the public administration and policy 

research. 

We find that these practices are closer than would be expected in a research field that has 

been split into different networks of researchers and publications with little dialogue between 

them (Goyal & Howlett, 2018). Indeed, we observe many commonalities in the measurement 

of policy learning, which supports the argument developed by Dunlop and Radaelli (2018) that 

policy learning is an analytical framework of the policy process. Despite this general diagnostic, 

however, there remains some methodological variation, which suggests that greater dialogue 

between research streams may help address different methodological avenues for future 

studies on policy learning. 

While the conceptual and theoretical developments about policy learning have been 

considerable in recent years, the concerns about the measurement of policy learning remain 
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persistent. Heikkila and Gerlak (2013, p. 502), for example, argue that ‘the starting point of 

learning research that (they) recommend is through clear operationalization and 

measurement.’ In their analysis of the literature on learning about environmental policy 

issues, however, Gerlak et al. (2018) concluded that almost one third (31%) of the reviewed 

studies used learning only theoretically, i.e., as an assumption to examine governance 

processes, without further developing specific measurement strategies. A similar complaint 

about the lack of empirical evidence on the actual processes of knowledge transfer and 

acquisition from one institutional setting to another was made by Dolowitz (2009, p. 319). 

One important pitfall of mediocre measurement methods is that they incorrectly assume the 

occurrence of learning where it does not actually occur. Theoretically, ‘censoring’ learning 

(Dunlop & Radaelli, 2018) involves the incorrect attribution of policy changes to putative belief 

updates instead of recognizing the effects of other factors (power, context, events, 

institutions, social interactions, etc.). The inability to distinguish the null hypothesis of non-

learning from the alternative hypothesis of learning (Radaelli, 2009) also prevents scholars 

from clarifying the relations between learning and its outcomes. 

Several literature reviews of policy learning research exist. However, they focus either on 

conceptual and theoretical issues (e.g., Gerlak et al., 2018; Riche et al., 2020), or address 

methodological questions while focusing on one specific stream of policy learning research 

(e.g., Dolowitz, 2009; Maggetti & Gilardi, 2016), with one exception: based on the brief 

methodological overview of policy learning research resulting from their bibliometric analysis, 

Goyal and Howlett (2018, p. 39) have called for more policy learning research relying on 

comparative designs and on the richness of secondary data. 
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How is and should policy learning be measured? While there is a consensual dissatisfaction 

about the measurement of policy learning, a comprehensive review of the existing 

measurement practices for policy learning is still lacking. This article fills this gap with a 

systematic review of 53 peer-reviewed articles, based on the Preferred Reporting Items for 

Systematic Review and Meta-Analyses (PRISMA) approach (Moher et al., 2009). This approach 

combines the strength of applying a systematic search for relevant articles in the existing 

literature with the clarity provided by analyzing the research methods within the searched 

articles. This analysis, in turn, allows the identification of patterns, as well as of promising or 

underexplored avenues for measuring policy learning in future research. 

This article is organized into three sections. In the first section, we present the main research 

streams about policy learning distinguished in the literature, along with the main issues 

related to the measurement of such a social science concept. In the second section, we 

describe the methods and scope of the review. In the third section, we examine the existing 

research practices to address the issues related to the measurement of policy learning in the 

reviewed articles. We conclude with several suggestions for future research. 

 

POLICY LEARNING: RESEARCH STREAMS AND MEASUREMENT 

Two main streams of research about policy learning are typically distinguished (Moyson & 

Scholten, 2018)i. The first stream includes all approaches that focus on policy 

interdependencies between institutional settings (or territorial units). Policy transfer is the 

process through which decisions in one setting are made based on decisions previously made 

in others (Dolowitz & Marsh, 2000). Policy diffusion research (Marsh & Sharman, 2009)is 

interested in transfer patterns: it often relies on large-N studies to compare regulations and 
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economic performances across countries in a context of interdependency (e.g., Simmons & 

Elkins, 2004). Finally, policy transfer and policy diffusion can (e.g., Elkins & Simmons, 2005) or 

cannot (e.g., Radaelli, 2005) result in policy convergence, defined as “any increase in the 

similarity between one or more characteristics of a certain policy (e.g., policy objectives, policy 

instruments, policy settings) across a given set of political jurisdictions (supranational 

institutions, states, regions, local authorities) over a given period of time” (Knill, 2005, p. 5). 

Policy learning plays a central role in policy interdependency (Gilardi, 2010; Meseguer, 2004; 

Volden et al., 2008). Learning achieves preferred outcomes by processing information on 

policies adopted in other settings. Information will be deemed even more relevant if there is 

a perception that a policy is successful (Böhmelt et al., 2016, Maggetti & Gilardi, 2016). ‘Lesson 

drawing’ (Rose, 1991) involves an ideal-typical form of learning and refers to the will, effective 

cognitive ability, and practical capacity to draw lessons from other institutional settings to 

meet a given objective (e.g., Gilardi et al., 2009). However, policy transfer, diffusion, and 

convergence can also result from other mechanisms such as: economic competition, i.e., the 

adoption of similar policies– for example building uniform infrastructures - encouraged by 

positive spillovers; coercion or obligation, e.g., made by a hierarchically superior unit of 

government or by an international organization; contagion, i.e., the ‘transmission of attributes 

between units because of contact or proximity (Malang et al., 2019, p. 1482); and imitation or 

social influence, i.e., the ‘adoption of an attribute by a unit due to the perception of popularity 

of attributes among the other units’ (Malang et al., 2019, p. 1482; Shipan & Volden, 2008; 

Simmons et al., 2008). To make it even more intricate, all these mechanisms of policy 

interdependency interact with each other (e.g., competition and learning: Böhmelt et al., 

2016). 
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In the second stream of research about policy learning, the ‘social learning’ approaches focus 

on the cognitive and social mechanisms through which policy actors in one institutional setting 

manage uncertainty and complex ideas to make policies. According to Heclo (1974), ‘politics 

finds its sources not only in power but also in uncertainty – men collectively wondering what 

to do […]. Policy making is a form of collective puzzlement on society’s behalf; it entails both 

deciding and knowing […]. Much political interaction has constituted a process of social 

learning expressed through policy’ (Heclo 1974, p. 305-306). Three well-known and 

established social learning approaches may be distinguished: ‘epistemic communities’ as put 

forth by Haas (1992), ‘social learning’ as developed by Hall (1993) and the ‘advocacy coalition 

framework’ developed by Sabatier and Jenkins-Smith (1993). All of them emphasize the role 

of ideas in explaining policy change. Much like policy interdependency, policy change within a 

policy subsystem does not result only from social learning, but also from other factors or 

mechanisms, such as the political strategies of competing (coalitions of) policy actors, 

compromises facilitated by ‘policy brokers’ (Ingold & Varone, 2012), or external shocks (e.g., 

economic crises or natural disasters: Sabatier & Jenkins-Smith, 1993). Policy learning can also 

‘fail’ by leading to groupthink, spurious consensus, unstable outcomes or no change at all 

(Dunlop, 2017). 

How can policy learning be measured? Measurement typically revolves around several key 

issues which will be addressed in this articleii. First, as far as operationalization is concerned, 

a concept has a multilevel structure composed of a basic level, secondary-level dimensions, 

and third-level indicators (Goertz, 2006). Second, diverse data sources ranging from 

documentary sources (e.g., reports or newspapers) to human sources (e.g., interviews or 

surveys) may be distinguished. Third, those data can be analyzed through various methods – 

qualitative, quantitative, or mixed methods (McNabb, 2017). Fourth, policy learning can be 
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analyzed at various levels; micro analyses are concerned with the individual foundations of 

policy learning, while meso analyses examine the social dimension of policy learning and 

macro analyses focus on aggregation at the organizational, institutional or societal levels 

(Dunlop & Radaelli, 2017). Finally, policy learning is a mechanism, i.e., a processual concept. 

Sabatier (1987; 1993) argued that the ‘enlightenment function of knowledge (Weiss, 1977), 

as well as the effect of policy learning on policy change (see Moyson et al., 2017) become 

effective only after periods of ‘a decade or more’. The measurement of policy learning 

involves, by definition, the analysis of updates (or stability) in beliefs or preferences between 

t0 and t1. 

 

METHODS AND SCOPE OF THE REVIEW 

The systematic literature review presented in this article draws upon the PRISMA approach 

(Moher et al., 2009). The items included in PRISMA ensure the transparency and replicability 

of the review process. This approach, which was initially developed in biomedical research, 

has been successfully used for other recent systematic reviews in public administration (e.g., 

Riche et al., 2020). The search strategy, eligibility criteria, study records and variables used in 

our systematic review of policy learning research are presented in the remainder of this 

section. 

We searched for publications in which the title, abstract or keywords contained the words 

‘policy’ and ‘learning’, published in the Web of Science between 2000 and 2019, within the 

two following subject areas: ‘public administration’ (47 journals) and ‘political science’ (170 

journals). In this initial list of 1273 records, we retained only peer-reviewed articles written in 

English with, at least, some focus on policy and/or on learning based on the title and abstract, 
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which led to a new list of 232 articles. We did not find any duplicates. To assess the final 

eligibility of the searched articles, based on the analysis of the full text of the articles, we relied 

on two criteria. First, we only selected the articles that focused on the cognitive and/or social 

dynamic related to the updating of policy actors’ beliefs or preferences (Dunlop & Radaelli, 

2013; Moyson et al., 2017). For example, many of the excluded articles focused on either the 

administration or the policies of educational or lifelong ‘learning’ and examined the ‘policy’ 

implications of the findings. Second, we only selected empirical studies measuring policy 

learning. Managerialist studies on organizational learning are not covered in this review. The 

search strategy, which is summarized in Figure 1, was implemented by the first author of this 

article, which means that intercoder reliability is not an issue. 

 

[FIGURE 1 ABOUT HERE] 

 

A final list of 53 articles was obtained from this process. A thematic analysis of the 53 articles 

(Riche et al., 2020) was performed using a coding grid addressing the research question – how 

can policy learning be measured? – according to the abovementioned issues related to the 

measurement of concepts: operationalization, data sources, methods of analysis, levels of 

analysis, and time. The results of this review are reported in the Appendix. 

This methodological approach has strengths and weaknesses (Moher et al., 2009). We focused 

on the 2010-2019 period to report on recent research methods. We selected peer-reviewed 

articles only, with the assumption that this would improve the quality of our results, but this 

choice can lead to publication biases. This may occur if key methods are only presented in 

book chapters, even though we believe this to be unlikely. Similarly, language bias can result 
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from our focus on articles published in English. To ensure that this was not a problem, we 

repeated the same search for articles recorded in Scopus, as well as in Cairn – a database 

including far more French-speaking articles – with the (French) keywords ‘politiques 

publiques’ and ‘apprentissage’, which did not provide any eligible results. In the same vein, to 

our knowledge, there is no complementary research tradition regarding policy learning in 

other languages in the world. Last but not least, this literature review is concept-driven to the 

detriment of studies looking at the antecedents, processes and outcomes of beliefs updating 

in policy contexts without using the concept of ‘policy learning’ as such, e.g.: the study by 

Meseguer (2006) on ‘rational learning’ and ‘bounded learning’ in the diffusion of policy 

innovations; the analysis by Galey-Horn et al. (2020) of ‘idea brokerage’ and its role in the 

convergence of policy preferences about teacher effectiveness in the U.S.; or the discussion 

by Sabel and Zeitlin (2008)on the role of learning in ‘experimentalist governance’. Overall, the 

bias risks in the literature review are a tradeoff for systematicity. However, we suggest that 

our final list of 53 reviewed articles is relatively depictive of policy learning studies, when 

compared to common aspects of the bibliometric analysis of policy learning research 

conducted by Goyal and Howlett (2018: e.g., policy sectors, geographical areas, etc.). 

 

RESULTS: EXISTING MEASUREMENT PRACTICES FOR POLICY LEARNING 

Concerns about the measurement of policy learning persist but attempts to address them 

have increased; while only two articles were recorded between 2000 and 2005, 15 were 

published between 2006 and 2011 and 36 between 2012 and 2019. Geographically speaking, 

the institutional affiliations of the 64 authors of the reviewed articles show that most of them 

work in North-American (33) or European universities (23). Other regions, such as Asia (5) and 
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Oceania (2), are far less represented. The distribution of papers per journal appears in Table 

1. Interestingly, the 53 reviewed papers were published in only eight out of the 217 searched 

journals – with 32 (60.4%) of them published in only three academic journals, i.e., Journal of 

European Public Policy, Policy & Politics, and Policy & Society. Overall, these data suggest that 

empirical research involving the measurement of policy learning tends to be concentrated in 

a limited number of geographical areas and scientific publications. That said, only a few 

scholars appear more than once in the study sample (Radaelli four times; Montpetit, Dunlop 

and Rietig twice). 

[TABLE 1 ABOUT HERE] 

 

A majority of the studies, i.e., 43 (81.1%), examined the processes of social learning. The ten 

(18.9%) remaining studies related to processes of policy learning and transfer. We report the 

results of our review in the next sections of this article. They are summarized in Table 2. 

[INSERT TABLE 2 ABOUT HERE] 

 

Operationalization of the concept 

A concept is a multilevel structure composed of a basic level, secondary-level dimensions, and 

third-level indicators (Goertz, 2006). At the first level, 36 (67.9%) of the articles examined in 

our review explicitly provide a basic definition of policy learning. In these articles, two 

dominant definitions of policy learning emerge. On the one hand, nine (17%) of the reviewed 

studies concurred with Dunlop and Radaelli (2013), who define policy learning as the updating 

of policy beliefs (Dunlop, 2015, 2017; Kamkhaji & Radaelli, 2017; Lundin et al, 2015; 
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O’Donovan, 2017; Radaelli, 2009; Rietig, 2018; Rietig & Perkins, 2018; Voorberg et al, 2017). 

This definition has become increasingly common. On the other hand, six (11.3%) of the 

reviewed studies were based on a second dominant definition of policy learning, which is 

related to the advocacy coalition framework. In this theory of policy processes introduced by 

Sabatier and Jenkins-Smith (1993), policy learning is conceptualized with a similar focus on 

updates in policy beliefs and preferences, as ‘relatively enduring alterations of thought or 

behavioral intentions that result from experience and which are concerned with the 

attainment or revision of the precepts of the belief system of individuals or of collectivities’ 

(Sabatier, 1993, p. 42; Albright, 2011; Bomberg, 2007; Heikkila et al., 2014; Montpetit, 2009; 

Nohrstedt, 2005; Pattison, 2018). 

In the interdependency approaches to policy learning, the studies undertaken by Rose (1993) 

on ‘lesson-drawing’ remain central. From this perspective, policy learning may be defined as 

a ‘systematic process whereby policy makers study developments in other systems in order to 

evaluate their potential applicability in the home system’ (Nutley et al., 2012). In a similar vein, 

policy learning may be conceptualized as ‘a dynamic whereby knowledge about policies, 

administrative arrangements or institutions is used across time or space in the developments 

of policies, administrative arrangements and institutions elsewhere’ (Casey & Gold, 2005). 

However, studies also recognize that policies transfers can result from nonrational and 

nonlinear learning processes in which the context matters (e.g., Dwyer & Ellison, 2009). 

The early research on policy learning (e.g., Bennett & Howlett, 1992, p. 291) suggested that, 

next to cognitive changes, policy learning may also refer to behavioral changes. However, 

none of the reviewed articles assumes that policy learning is fundamentally more than a 

cognitive process. In contrast, a variation across existing studies persists regarding the type of 
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belief changes that occur as a result of learning. Some of the reviewed studies focused on 

factual beliefs or ‘knowledge’; according to Resh et al. (2014), for example, learning can be 

assessed by examining ‘the extent to which stakeholders acquire new knowledge relevant for 

understanding the policy issues being addressed as a result of participating in the collaborative 

process’ (pp. 586-587). Other studies deliberately focused on policy learning as ‘a cognitive 

process that features changes in policy preferences’ (Tamtik, 2016, p. 6) or as ‘the use of new 

knowledge to inform actors’ policy preferences’ (Montpetit & Lachapelle, 2017, p. 197), while 

others explicitly distinguished changes in factual and normative beliefs or ‘preferences 

‘(Moyson, 2017). 

At the secondary level of conceptual dimensions, the predilection of policy-learning 

researchers for typologies is well reflected in the reviewed articles: 27 (50.9%) of them 

introduced or relied on typologies of learning. In the context of water governance in the state 

of California, for example, policy learning is ‘institutional’ when it ‘relates to the development 

of rules, norms and practices that increase the predictability of interactions and build trust’, 

‘strategic’ when it ‘involves developing a greater understanding of each other’s interests and 

mutual dependencies’, and ‘cognitive’ when it ‘refers to an improved understanding of a 

problem, its causes, and solutions’ (Conrad, 2015, p. 350). Four types of policy learning may 

also be distinguished according to the tractability of the policy problem, as well as the 

certification of actors (Dunlop & Radaelli, 2013). Problem tractability refers to the level of 

uncertainty related to specific policy problems, while actor certification refers to ‘the 

authority and legitimacy of some key actors or venues’ (p. 602). There was epistemic learning, 

for example, between policy actors and a community of experts about the issue of bovine 

tuberculosis in England (Dunlop, 2017). Reflexive learning, in contrast, predominated when 

the UK Health and Safety Executive Agency developed its organizational political capacity, as 
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well as its reputation through a better engagement with external actors, such as citizens 

(Dunlop, 2015). The learning from the regulatory impact assessments (RIAs) in Europe can be 

‘instrumental’, ‘political’, or involve ‘cross-national emulation’ (Radaelli, 2009). The learning 

and diffusion dynamics of social policy across China can be coercive, competitive or pre-

emptive, depending on the number of bureaucratic agencies involved in the process, their 

interests, their institutional maturity, as well as the degree of ambiguity of the policy (Shi, 

2012). 

The extent, intensity and direction of belief alterations can also be characterized. For example, 

in the context of the international governance of whaling regimes, policy learning is ‘adaptive’ 

when it involves fixing an error, ‘reformative’ when it involves ‘changes in the methodology 

and objectives under a constant paradigm’, and ‘paradigmatic’ when it results in ‘changes in 

the methodology, objectives and paradigm’ (Ishii & Okubo, 2014, p. 259). The transfer of the 

Silicon Valley model to other regions of the world results from ‘no learning’ or a situation of 

mere imitation, ‘trial-and-error’ learning or ‘gradual changes over time to policies, and 

temporary solutions’, and ‘adaptive’ learning or a situation ‘where policies are analyzed and 

then adjusted before they are implemented in the local setting’ (Giest, 2017). The 

Europeanization of Dutch and Spanish activation policies, through the European Social Fund, 

was mediated by processes of learning that can be thin or thick (Van Gerven et al, 2014). 

Finally, Montpetit and Lachapelle (2017) found (and measured) that policy learning is not only 

a matter of belief change but also results in the reinforcement of existing beliefs about the 

policies related to hydraulic fracturing (see also Pattison 2018, in the context of climate and 

energy policy). 
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At the third level of indicators, direct and indirect approaches to the operationalization of 

policy learning may be distinguished (Gerlak et al., 2018). Up to 32 (60.4%) of the reviewed 

studies adopted a direct approach to policy learning, i.e., they concentrated directly on the 

measurement of cognitive and mental updates. In the social learning research, for example, 

‘the percentage of biotechnological applications on which a respondent indicated having 

become more or less favorable, as opposed to having an unchanged opinion’, was viewed as 

an indicator of learning in a survey among policy actors involved in developing biotechnology 

policy in the EU and Canada (Montpetit, 2009; see also Rietig, 2018; Voorberg et al., 2017). In 

the research stream on policy interdependency, direct approaches to the measurement of 

policy learning are also adopted but to a lesser extent. For example, instances of ‘eye-

opening’, as well as the various ‘lessons drawn’ reported by policy-makers engaged in policy-

transfers from Japanese to Dutch Railways were listed, serving as the main indicators of policy 

learning (Van de Velde, 2013; see also Lundin et al., 2015; Motta, 2018). 

In the 21 (39.6%) studies that adopted a more indirect approach to the measurement of policy 

learning, the researchers focused on a series of variables that are theoretically assumed to 

reflect policy learning (‘proxies‘). In the social learning research, for example, ‘the average 

number of training events a respondent attended per year during his tenure’ was used by 

Arnold (2014) as a proxy for ‘structured knowledge acquisition’ in the context of wetland 

regulation. Similarly, changes in institutional designs and in rule configurations also indicated 

that learning occurred in policy change processes, as exemplified in a study focusing on urban 

flood mitigation in Colorado (Witting, 2017; see also Howlett et al., 2017; Panke, 2010, p. 810). 

In the research stream on policy interdependency, several successful policy adoptions across 

geographical entities were regularly used as proxies for policy learning (e.g., Kahn-Nisser, 

2015; Shipan & Volden, 2014). 
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This overview of existing operationalizations of policy learning leads to several conclusions. 

First, while a stabilization of the notion of policy learning – as a cognitive process of updating 

factual and normative beliefs – has been observed over time, the number of studies relying 

on clearly identifiable conceptualizations of learning remains limited. Second, such a 

stabilization in the secondary dimensions of policy learning is not observed which is probably 

good because this conceptual flexibility allows the researchers to choose or to create 

conceptualizations that fit their specific research objectives, even though it restricts the 

comparability of the research findings. Third, an increasing number of studies are adopting a 

direct approach to the operationalization of learning with a focus on the measurement of 

cognitive and mental updates. However, indirect approaches based on proxies for policy 

learning, such as changes in institutional designs (Witting, 2017), should not be overlooked as 

they are useful for examining whether policy learning leads to changes in actual policies and 

institutions (Moyson et al., 2017). 

 

Data sources 

Policy learning has mostly been measured based on interviews, surveys, and documents. 

Interviews and surveys are the most common methods employed: 23 (43.4%) of the reviewed 

articles were based on this type of data. The larger category included 15 (28.30%) articles that 

were based on interviews conducted with diverse policy actors ranging from central decision 

makers, such as ministers or parliamentary commission members, to representatives of public 

administrations, interest groups, associations, scientists or politically active citizens (e.g., 

Dunlop, 2017, Marier, 2009; Zito, 2009). Nutley et al. (2012), for example, conducted 

interviews with ministers and other decision-makers, with officials from public 
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administrations, such as audit bodies, as well as with members of associations representing 

local governments. Heikkila et al. (2014) drew on semi-structured interviews with various 

public and private actors involved in the politics of hydraulic fracturing in Colorado to prove 

that learning occurred and led to policy changes. Hudson and Kim (2014) conducted interviews 

with a small number of Korean officials visiting the United Kingdom to examine how they 

learned lessons from abroad. 

Surveys were used in 8 (15.1%) of the reviewed articles. For example, a survey of participants 

in marine aquaculture partnerships was used to measure their perception regarding whether 

they learned new knowledge about marine aquaculture issues (Resh et al. 2014). Similarly, 

based on survey data, Pattison (2018) shed light on the factors shaping policy learning 

dynamics in a subsystem of policy actors involved in climate and energy issues in Colorado. 

We observed only one survey experiment, which involved various levels of cost information 

from invariant information senders to groups of 1,205 Danish local politicians and show that 

‘information may have a stronger impact on political preferences than well-known 

determinants such as committee and party affiliation’ (Blom-Hansen et al., 2016, p. 119). 

While documentary sources were omnipresent in the reviewed articles, such sources of data 

did not always serve the sole purpose of measuring policy learning but rather contributed to 

contextualizing the research or to recording a policy change. Nevertheless, 16 (30,2%) of the 

reviewed articles analyzed policy learning with documentary sources. Official documents and 

reports were predominant, with 9 (17%) studies relying on these sources. Content analyses 

are likely to indicate stability or shifts in policy actors’ perceptions over time. For example, 

archival documents and internal reviews of the International Monetary Fund were used by 

Moschella (2011) to assess the delays between past crises and the lessons drawn from these 
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crises in terms of policymaking (‘lagged’ learning). Fritsch et al. (2017) analyzed 517 impact 

assessments released in Britain (2005-2011) to examine the drivers – e.g., experience, 

capacity, guidelines, etc. – of change in their analytical content, which they consider to be 

indicators of a learning dynamic. 

In the last five years, media analysis of policy learning has become popular. A couple of studies 

relying on the advocacy coalition framework have tracked belief updates based on media 

analysis. For example, Lodge and Matus (2014) have shown the (limited) changes in policy 

actors’ argumentation about badgers in Britain over the period of 1986–2013, despite 

extensive research on this issue (see also Leifeld, 2013). Similarly, media coverage was used 

to measure the (limited) amount of policy learning following policy failures (Newman & Bird, 

2017; O’Donovan, 2017). 

The use of legal documents (e.g., bills, decrees, etc.) was less common (only 2, or 3.8%, of the 

reviewed studies). Berglund et al. (2006), for example, deduced from variations in the pace of 

transposition of EU directives that EU Member States can integrate – i.e., learn – such 

directives more swiftly into their judicial systems (see also O’Donovan, 2017). 

Secondary sources, in particular, previous academic accounts of past events, were used to 

assess cognitive updates indirectly in 8 (15.1%) of the reviewed articles. For example, the 

analysis undertaken by Nohrstedt (2005) on the changes in beliefs about the development of 

the Swedish nuclear program (in relation to the Three Mile Island accident) relied on the 

existing studies on this topic. Similarly, Dwyer and Ellison (2009) reviewed the existing 

research on the ‘Americanization’ of the UK’s active labor market policies to discuss the 

notions of policy learning and transfer in this specific case and in general.  
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Finally, 12 (22.6%) reviewed studies combined multiple sources of data about policy learning. 

For example, interviews were combined with participant observation and document analysis 

to assess the extent of policy learning in California’s water governance (Conrad, 2015). The 

analysis of policy learning in a study about Belgian mental health care reforms was based on 

12 semi-structured interviews, an analysis of policy and organizational documents, and direct 

observations of meetings (Thunus & Schoenaers, 2017). In a similar vein, documents produced 

by environmental NGOs were analyzed together with five interviews undertaken with some 

of the organizations’ representatives to examine the teaching and learning dynamics between 

them and their counterparts from new EU countries regarding environmental policy 

instruments (Bomberg, 2007). Survey data from the Centers for Disease Control and 

Prevention were also combined with documentary data from the Substance Abuse and Mental 

Health Services Administration in the U.S. to find evidence of successful policy emulation in 

the field of antismoking restrictions targeted toward youths, as an indicator of learning 

dynamics in policy diffusion policy learning (Shipan & Volden, 2014). 

Overall, our review points to the eclecticism of data sources used to measure policy learning, 

with several more specific lessons. When examining each research stream separately, we 

observe a predilection for large-N sources in the policy interdependency studies, which is less 

prevalent in social learning research – an observation that could be related to the focus of the 

former on interdependencies among multiple institutional settings. 

 

Methods of analysis 

While qualitative methods are used in 38 (71.7%) of the reviewed studies, only a limited 

number of these studies are based on a clearly identifiable method. Causal process tracing, 
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for instance, was used ‘to delineate the chain of events leading to specific learning outcomes’ 

(Conrad, 2015, p. 354; see also Radaelli, 2009). The challenge of capturing the policy learning 

process has also been addressed by Kamkahji and Radaelli (2017), who completed a 

‘plausibility probe’, i.e., ‘an empirical device to test the plausibility of a novel theoretical 

mechanism: the aim is to prove that the mechanism is at least feasible’ (p. 724). Similarly, 

congruence analysis can be conducted to assess the explanatory power of two or more 

theoretical frameworks that account – or not – for policy learning effects (e.g., Scholten, 

2017). Finally, a more inductive and grounded theory approach was implemented by Schofield 

(2004) based on the following three stages: a first stage involving ‘the development of open 

and axial codes from the interviews’; a second stage of ‘text searching and hypothesizing 

between codes’; and a third stage involving ‘the development of selective and conditional 

matrices’ in which ‘learning’ was the core category explaining the other categories (pp. 293-

294). Some authors developed their analysis based on single, ‘in-depth’ case studies in which 

they found evidence of learning (e.g., Albright, 2011, Dudley 2007, Scholten, 2017; Thunus & 

Schoenaers, 2017), while others conducted comparative studies with small-N cases and 

showed the different learning dynamics across various contexts (e.g., Giest, 2017, Van Gerven 

et al. 2014, Voorberg et al. 2017). 

Only 14 (26.4%) of the reviewed studies relied on quantitative analyses to measure policy 

learning. Regression analyses of survey data were conducted in 10 studies, including one study 

that used multilevel regression analyses to model learning according to the individual 

characteristics of policy actors and the characteristics of the networks that they belong to 

(Resh et al, 2014). Berglund et al. (2006) account for the pace of EU directive transposition 

based on covariance analyses, in which learning is one covariate among others. 854 actors’ 

statements from 728 newspaper articles were coded by Lodge and Matus (2014) to trace 
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changes in their support to badger cull in the context of the bovine tuberculosis policy in Britain, 

as well as the type of arguments used to support their position. In the work undertaken by 

Leifeld (2013) on discourse network analysis, the actors’ policy preferences and their 

references to convergent or divergent concepts were coded in 7,249 statements about the 

German pension policy to map coalitions. Fritsch et al (2017) described and accounted for 

changes in the analytical content of 517 British impact assessments over time using one-way 

analyses, t-tests, and principal components analyses. 

Finally, only one reviewed study was based on a methodological approach to policy learning 

that combined qualitative and quantitative analyses. To account for the degree of political 

activity of small States in the European Union, Panke (2010) examined the effect of learning 

in regression analyses with indicators such as the number of years of EU membership or 

whether a State already had an EU presidency. The results of these analyses were compared 

with qualitative analyses of interviews conducted with representatives from ministries and 

permanent representations in Brussels. 

Overall, the results point to a predominance of qualitative methods, as well as to the diversity 

of approaches within each of these categories. There is a real scarcity of mixed approaches 

but this should be nuanced with the fact that this literature review is focused on policy 

learning itself: few studies combined qualitative and quantitative approaches to analyze 

learning, but some of them combined these approaches when considering all variables. For 

example, Lodge and Matus (2014) used a quantitative analysis of learning, but a qualitative 

approach to coalition coordination. 
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Levels of analysis 

Meso approaches examining the social dimension of policy learning (Dunlop & Radaelli, 2017), 

with a focus on groups, organizations and collectives in which individuals interact, were 

dominant (25, or 47.2%, of the reviewed articles). For example, the International Monetary 

Fund did not fully draw the lessons from the successive financials crises of the 1990s to 

decisively inform its surveillance policy, but it rather took two decades of incremental 

adaptation and a major crisis in 2007-2009 for the organization to do so, which typifies 

processes of ‘lagged learning’ (Moschella, 2011). Many of these studies examined advocacy 

coalitions (e.g., Heikkila et al., 2014; Lodge & Matus, 2014) or epistemic communities (e.g., 

Dunlop, 2017; Ishii & Okubo, 2014). More formal organizations engaged in policy learning 

were also examined, such as (pension) commissions (Marier, 2009), European organizations 

involved in regulatory impact assessments (Kamkhaji et al, 2017; Radaelli, 2009) or agencies 

(Zito, 2009). Similarly, Newman and Bird (2017) examined the ability of governments to draw 

lessons from the policy failures of past governments. 

Micro analyses looking at the micro foundations of policy learning (Dunlop & Radaelli, 2017) 

were less common, with only nine articles (17.0%) having such a focus. We noticed diversity 

in the types of individual actors scrutinized by these articles, with most of them focusing on 

subsystems of actors involved in a policy issue (e.g., Montpetit & Lachapelle, 2017; Pattison, 

2018). Other articles examined the members of collaborative networks (Resh et al., 2014), 

European decision-makers (Rietig & Perkins, 2018), local politicians (Blom-Hansen et al., 

2016), first-line managers and street-level bureaucrats implementing public policies (Arnold, 

2014; Schofield, 2004) or participants in cocreative processes (Voorberg et al., 2017). 
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Macro analyses examining policy learning at aggregate levels were also fewer, with only 13 

(24.5%) articles in this category. Horizontal processes of policy learning and transfers between 

institutional settings, such as states or local governments, were the ones most studied. For 

example, Dwyer and Ellison (2009) analyzed learning and the transfer of social policies 

between the US and the UK (see also, for example, Motta, 2018; Nutley et al., 2012; Shipan & 

Volden, 2014). At the European level, more specifically, Berglund et al. (2006) focused on the 

transposition pace (i.e., learning) of EU directives by Member States. Similarly, Tamtik (2016) 

focused on EU Commission-induced learning in the Members States’ research policies. In 

contrast, Panke (2010) examined whether and how learning improved the ability of small 

Member States to shape EU policies. Finally, three studies adopted a social learning approach 

to examine whether and how institutional learning occurred after crises and/or policy failures, 

including Australian health insurance (Kay, 2017), chronic floods in the Denver Metropolitan 

Area (Witting, 2017), and whirlwinds in the Midwestern United States (O’Donovan, 2017). 

This section concludes with three remarks. First, there is a relationship between the streams 

of research and levels of analysis. On the one hand, the social learning studies are interested 

in the individual and in the social dynamics of learning: they represent nearly all the micro and 

meso analyses of policy learning. On the other hand, policy interdependency studies approach 

learning by looking at processes that occur across governmental settings and territorial units 

: they represent all except three of the macro analyses of learning (Kay, 2017; O’Donovan, 

2017; Witting, 2017). Second, policy learning constantly operates at several levels at the same 

time, which was acknowledged by six of the reviewed articles (11.3%). Albright (2011, pp. 505-

506), for example, observed that learning significantly differ at the levels of coalitions and 

their individual members. Similarly, despite his focus on individual policy actors, Montpetit 

(2009) recognized that the social dynamics of learning within European and U.S. policy 
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subsystems is quite different. Montpetit and Lachapelle (2017) also explicitly distinguished 

between the individual-level and subsystem-level analyses of policy learning regarding gas 

development in British Columbia and Quebec. Third, the methodological implications of the 

social nature of learning were relatively strong in the reviewed research, with some of the 

studies explicitly using dyadic data to account for social learning at the meso level (e.g., 

Howlett et al., 2017) or policy interdependency at the aggregate level (e.g., Kahn-Nisser, 2015; 

Lundin et al., 2015; Shipan & Volden, 2014). 

 

Dealing with time 

Measuring processual concepts raises at least two data collection issues, i.e., the period 

considered in the study and the choice for repeated or unrepeated measures over time. As far 

as the period is concerned, there is great variation among the reviewed studies: with the 

exception of nine studies in which it was not possible to clearly identify such a period of time, 

20 (37.7%) of them focused on periods shorter than ten years; 21 (39.6%) focused on periods 

ranging between ten and 20 years; and only three (5.7%) studies considered periods longer 

than 20 years. 

As far as measures are concerned, the distinctions between research methods are smaller . 

On one side of the spectrum, several studies clearly involved longitudinal data collection and 

analysis. Leifeld (2013), for example, examined the evolution of German policy actors’ beliefs 

about pensions based on a longitudinal analysis of their discourses and arguments in media 

articles. Similarly, Schofield (2004) examined policy implementation in the British National 

Health Service by performing within-case comparisons based on documents collected at 

several stages of several policy initiatives. We did not find any instance of repeated data 
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collection from human sources (e.g., longitudinal survey data collection or interviews with the 

same individual at different points in time). Beyond this, most studies proposed more or less 

explicit methodological artifacts to deal with the processual nature of policy learning despite 

the lack of longitudinal data. For example, surveys can be designed to ask self-reporting 

respondents to compare their thoughts at the time of the survey to their past thoughts (e.g., 

Montpetit, 2009; Montpetit & Lachapelle, 2017; Pattisson, 2018). Similar research strategies 

may be applied to interviews (e.g., Rietig, 2018; Rietig & Perkins, 2018). 

The length of research periods and measurement repetition are both related to the choice of 

data sources. Documentary sources, in particular, seem particularly appropriate for repeated 

measures over long periods of time. It is worth noting that the three studies examining periods 

longer than 20 years were based on documentary sources. For example, Lodge and Matus 

(2014) studied the badger issue in the context of the bovine tuberculosis policy spanning 27 

years in Britain based on media analysis (see also Dwyer & Ellison, 2014; Kay, 2017). 

 

CONCLUSION AND SUGGESTIONS FOR FUTURE RESEARCH 

While conceptual and theoretical developments about policy learning have been significant 

over the last 30 years, scholarly attention to the methodological issues related to the 

measurement of policy learning has remained scarce, with some exceptions (e.g., Maggetti & 

Gilardi, 2016). Based on the PRISMA approach (Moher et al., 2009), this paper has filled this 

gap by reviewing the measurement practices of policy learning in the public administration 

and policy research. More specifically, we have examined research questions, the 

operationalization of the concept, data sources, methods of analysis, levels of analysis, as well 

as how the 53 reviewed studies have addressed the processual nature of policy learning. 
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We find that, despite their eclecticism, the measurement practices for policy learning are 

closer than they appear. Indeed, the research field on policy learning may be viewed as divided 

into several relatively autonomous subfields (Moyson & Scholten, 2018). The bibliometric 

analysis undertaken by Goyal and Howlett (2018) on policy learning research recently 

confirmed this diagnostic and shows that many studies in this field do not cite each other. 

However, Dunlop and Radaelli (2018) suggested that policy learning meets the standards of 

an analytical framework of the policy process while acknowledging that measurement remains 

a ‘challenge’ (p. S62). Based on the results of the review, we argue in complement that 

methodological commonalities transcending subfields also exist to measure policy learning. 

Admittedly, a predilection for large-N research exists in the policy interdependency studies 

compared to the social learning studies, and the latter tend to unpack and work on 

subdimensions of policy learning more often. Beyond this, however, the operationalization, 

data sources and methods for measuring policy learning, as well as the methods of dealing 

with time, are relatively similar in both research streams. 

One important exception to this general diagnostic is related to the levels of analysis of 

learning. Social learning research tends to favor micro and meso analyses of policy learning, 

even if institutional factors may influence learning dynamics, for example the transformation 

of individual learning into collective learning (see Witting & Moyson, 2015). In contrast, the 

policy interdependency studies focus on macro analyses although individual factors can also 

play a role in this type of policy process (e.g., Gilardi, 2010). In other words, despite our general 

diagnostic of transversal measurement practices, some specific methodological differences 

remain which result from the empirical focus of each research stream. This suggests a need to 

intensify dialogue between streams in order to deal with the following recommendations for 

future research. 
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The importance of transparent operationalizations. Despite the conservative focus of this 

literature review in which policy learning is central, it is difficult to clearly identify how this 

concept is defined in several of the reviewed articles. In the other articles, however, the 

diversity in learning definitions may help adapt the concepts to different research contexts 

and objectives (e.g., a study of the social dynamics of learning or a study on the role of learning 

in policy transfers). However, we argue that, at the very least, one clear definition of policy 

learning per study is crucial to decide whether empirical measurement allows the rejection of 

the ‘null hypothesis’ that there is no policy learning (Radaelli, 2009). Relating the content of 

the original definitions of policy learning with more established ones is also a matter of 

‘content validity’ (Carmine & Zeller, 1979, pp.  20-22) that is important to contribute to the 

accumulation of knowledge on this topic.  

Direct or indirect measurement? The measurement approaches involving, for example, 

interviews or surveys of policy actors, concentrate directly on the measurement of cognitive 

and mental updates. The multiple strengths of these approaches include, for example, their 

feasibility or the richness of the results that they provide. At the same time, there is a growing 

awareness of the potential biases affecting these measurement approaches. Biases can result 

from the research participants (e.g., social desirability, recollection issues, etc.: Moyson, 2017) 

or from the researchers when analyzing the data (e.g., confirmation bias when the null 

hypothesis that non-learning can happen is not properly tested: Radaelli, 2009). Recollection 

issues suggest that, the longer the policy processes, the more cautiously these approaches 

should be applied as retrospective accounts can be affected by imprecision or by distortions 

(Blank et al., 2003; Van der Vaart et al., 1995). Indirect approaches involving, for example, the 

analysis of documents or media articles address this issue. However, future studies should 

dedicate more effort to delineating the actual relationships between the indicators of or 
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“proxies” for policy learning that they rely on and the underlying concept of policy learning 

that they seek to capture. For example, do the statements made in media articles or in 

documents accurately reflect the content of the actors’ beliefs? Journalists could be tempted 

to interview people whose statements fit with their willingness to present one side of the story 

rather than a balanced view about it, independently of the actual distribution and evolution 

of the policy beliefs in the policy subsystem (see Trumbo et al., 1998). In other words, indirect 

measurement approaches remove some sources of bias but create new ones. While waiting 

for a theory capable of addressing the relationship between policy learning and its indicators, 

the policy research could, at least, more systematically discuss the strengths and weaknesses 

of the data sources regarding policy learning (e.g., Leifeld, 2013; see also Moyson et al., 2019) 

or triangulate them more or less explicitly with other data, for example, interviews (Heikkila 

et al., 2014; Schofield, 2004). Communication science may help (e.g., on media data, Christian, 

2017) to interpret the results of such research methods. 

Policy learning as dependent or independent variable. Policy learning benefits from more 

advanced operationalizations when it is considered as a dependent variable than when it is 

used as an independent variable (see Table 2). In particular, dichotomous variables that 

merely reflect the presence or absence of learning are problematic. We suggest opting for 

categorical or continuous variables and dimensions that operationalize the depth or intensity 

of learning (e.g., non-learning, low, medium or high intensity), its direction (reinforcement 

versus revision of beliefs), and its duration, and looking at ‘learning events’ such as eye-

openings, surprises, discoveries, etc. Given the low number of studies that view learning as 

both an independent and a dependent variable, we recommend developing methodological 

approaches that account for the cyclic dynamic of policy learning (e.g., measurement of 

feedback loops). 
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Levels of analysis. Policy learning should not necessarily be conceptualized the same way at 

the different levels of analysis (Heikkila et al., 2013). For example, learning can involve belief 

updates at the individual level, while at the collective level (e.g., a coalition, a subsystem or a 

network), it can be viewed as the aggregation of individual belief changes or, further, as the 

emergence of consensus or belief convergence (for a review, see Riche et al., 2020). However, 

the results of this literature review have shown that only a few articles recognize the multilevel 

nature of policy learning (e.g., Albright, 2011) and even fewer propose measurement methods 

adapted to this nature (e.g., Montpetit & Lachapelle, 2017). Future research should introduce 

measurement methods that explicitly recognize that the policy learning concept is multilevel, 

including data collected at multiple levels or methods of analysis that account for such a data 

structure (for an example, see Riche, 2019). 

A call for more creativity. Some methods of analysis for data on policy learning are rare or 

absent. For example, despite the call by Shafir (2013) for a behavioral approach to policy 

processes and the growing success of experiments in the public administration and policy 

research (Jilke et al., 2016), few of the reviewed articles relied on this method. A noticeable 

exception is Blom-Hansen et al. (2016), who examined the actual effect of new information 

on Danish local politicians’ policy preferences based on a survey experiment controlling for 

the power of the information sender. Similarly, longitudinal data collected from human 

sources – i.e., repeated interviews or surveys with the same actors, for example – were absent 

from the reviewed studies. Research designs based on this type of data would be desirable, 

even if the conditions for their funding and feasibility are more difficult to meet. 

Policy learning is a fundamental cognitive process of belief updates about public problems and 

solutions, but theoretical and practical questions persist about how to model it and about its 
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effect on politics and policies. Keeping the methodological insights and suggestions presented 

in this article in mind, it is our belief that these questions and doubts will be easier to address 

with future research. 
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Figure 1. PRISMA flow diagram 
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Table 1. Distribution of reviewed articles per journal 

Journal Number of reviewed articles 

Journal of European Public Policy 15 (28,3%) 

Policy & Politics 9 (17,0%) 

Policy & Society 8 (15.1%) 

Review of Policy Research 7 (13.2%) 

Policy Studies Journal 5 (9.4%) 

Public Administration 4 (7.5%) 

Journal of Public Policy 3 (5.7%) 

Local Government Studies 1 (1.9%) 

Regulation & Governance 1 (1.9%) 

TOTAL 53 (100%) 
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Table 2. Results of the systematic literature review 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 Research Questions Definitions Secondary dimensions Indicators 

Definition/ 
criteria 

Policy learning as: 
- dependent variable (DV) 
- independent variable (IV) 

- both (DV & IV) 

Identification of a definition for policy learning 
Identification of dimensions or typologies 

of policy learning 
Identification of variables or proxies that directly or indirectly 

operationalize policy learning 

In the 
whole 
sample 

DV: 17 (32.1%) 
 

IV: 33 (62.3%) 
 

DV & IV: 3 (5.6%) 

Yes: 36 (67.9%) Yes: 27 (50.9%) 
Direct: 32 (60.4%) 

 
Indirect: 21 (39.6%) 

By 
research 
stream 

Social 
learning 

Interdependency Social learning Interdependency Social learning Interdependency Social learning Interdependency 

DV: 14 
(32.5%) 

  
IV: 26 

(60.5%) 
 

DV & IV: 3 
(7%) 

DV: 3 (30%)  
 

IV: 7 (70%) 
Yes: 30 (69.8%) Yes: 6 (60%) Yes:23 (53.5%) Yes :4 (40%) 

Direct: 26 (60.5%) 
 

Indirect: 17 (39.5%) 

Direct:6 (60%) 
 

Indirect:4 (40%) 

DV  
versus  

IV 
or both 

 

DV IV Both DV IV Both DV IV Both 

Yes: 13 (76.5%) Yes: 20 (60.6%) Yes: 3 (100%) 
Yes: 

10(58.8%) 
Yes: 15 
(45.4%) 

Yes: 2 
(66.7%) 

Direct: 11 (64.7%) 
 

Indirect:6 (35.3%) 

Direct: 18 (54.5%) 
 

Indirect: 15 (45.5%) 
Direct: 3 (100%) 
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Table 2 (continued) 

 Data sources Methods of analysis Levels Time 

Definition/ 
criteria 

Main data sources mobilized to study policy learning Methods of data analysis Levels at which policy learning is apprehended Period of time of the research 

In the 
whole 

sample) 

Textual & documentary: 16 (30.2%) 
 

Interviews: 15 (28.3%) 
 

Survey: 8 (15.1%) 
 

Experiments: 1 (1.9%) 
 

Combination of sources: 12 (22.6%) 
 

Official data: 1 (1.9%) 

Qualitative: 38 (71.7%) 
 

Quantitative: 14 (26.4%) 
 

Mixed: 1 (1.9%) 

Micro: 9 (17%) 
 

Meso: 25 (47.2%) 
 

Macro: 13 (24.5%) 
 

Multi-level: 6 (11.3%) 

<10 years: 20 (37.7%) 
 

10-20 years: 21 (39.6%) 
 

>20 years: 3 (5.7%) 
 

N.A: 9 (17%) 

By research 
stream 

Social learning Interdependency Social learning Interdependency Social learning Interdependency Social learning Interdependency 

Textual & documentary: 
14 (32.6%) 

 
Interviews: 11 (25.6%) 

 
Survey: 6 (13.9%) 

 
Experiments: 1 (2.3%) 

 
Combination of sources: 

11 (25.6%) 

Textual & documentary: 2 (20%) 
 

Interviews: 4 (40%) 
 

Survey: 2 (20%) 
 

Combination of sources: 1 (10%) 
 

official data: 1 (10%) 

Qualitative: 31 
(72.1%) 

 
Quantitative: 11 

(25.6%) 
 

Mixed: 1 (2.3%) 

Qualitative: 7 (70%) 
 

Quantitative: 3 (30%) 

Micro: 9 (20.9%) 
 

Meso: 22 (51.2%) 
 

Macro: 7 (16.3%) 
 

Multi-level: 5 (11.6%) 

Meso: 3 (30%) 
 

Macro: 6 (60%) 
 

Multi-level: 1 
(10%) 

<10 years: 15 (34.9%) 
 

10-20 years: 17 (39.5%) 
 

>20 years: 2 (4.6%) 
 

N.A: 9 (20.9%) 

<10 years: 5 (50%) 
 

10-20 years: 4 (40%) 
 

>20 years: 1 (10%) 

Policy 
learning as 

DV or IV 
or both 

DV IV Both DV IV Both DV IV Both DV IV Both 

Textual & 
documentary: 3 

(17.6%) 
 

Interviews: 3 
(17.6%) 

 
Survey: 7 (41.2%) 

 
Experiments: 1 

(5.9%) 
 

Combination of 
sources: 3 (17.7%) 

Textual & 
documentary: 13 

(39.4%) 
 

Interviews: 11 
(33.3%) 

 
Survey: 1 (3%) 

 
Combination of 

sources: 7 (21.2%) 
 

Official data: 1 (3%) 

Interviews:1 
(33.3%) 

 
Combination of 

sources: 2 (66.7%) 

Qualitative: 10 
(58.8%) 

 
Quantitative: 7 

(41.2%) 

Qualitative: 25 (75.8%) 
 

Quantitative: 7 
(21.2%) 

 
Mixed: 1 (3%) 

Quali
tativ
e: 3 
(100
%) 

Micro: 5 (29.4%) 
 

Meso: 7 (41.2%) 
 

Macro: 3 (17.6%) 
 

Multi-level: 2 (11.8%) 

Micro: 4 (12.1%) 
 

Meso: 15 (45.4%) 
 

Macro: 10 (30.3%) 
 

Multi-level: 4 (12.1%) 

Meso: 3 
(100%) 

<10 years: 
9 (52.9%) 

 
10-20 years:  

3 (17.7%) 
 

N.A: 
5 (29.4%) 

<10 years: 11 
(33.3%) 

 
10-20 years: 
16 (48.5%) 

 
>20 years: 
3 (9.1%) 

 
N.A: 

3 (9.1%) 

10-20 years: 
2 (66.7%) 

 
N.A: 

1 (33.3%) 

APPENDIX – CODING GRID OF THE LITERATURE REVIEW 
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Research stream Authors Year Area 
Analytical status of 
policy learning 

Typology 
Measurement 
approach 

Data sources 
Methods of 
analysis 

Levels of analysis Period (years) 

Social learning Albright 2011 North-America 
Independent 
variable 

None Direct Interviews Qualitative Meso (+micro) < 10 

Social learning Arnold 2014 North-America 
Independent 
variable 

None Indirect Survey Quantitative Micro 10-20 

Social learning Berglund al. 2006 Europe 
Independent 
variable 

None Indirect 
Textual & 
documentary 

Quantitative Macro 10-20 

Social learning Blom-Hansen et al. 2016 Europe 
Dependent 
variable 

None Direct Experiment Quantitative Micro N.A 

Social learning Bomberg 2007 Europe 
Dependent 
variable 

Yes Indirect 
Comprehensive 
approach 

Qualitative Meso N.A 

Social learning Casey & Gold 2006 Europe 
Independent 
variable 

None Direct Interviews Qualitative Micro (+ Meso) < 10 

Social learning Coletti & Radaelli 2013 Europe 
Independent 
variable 

Yes Indirect 
Textual & 
documentary 

Qualitative Micro N.A 

Social learning Conrad 2015 North-America 
Dependent 
variable 

Yes Direct 
Comprehensive 
approach 

Qualitative Meso 10-20 

Social learning Dudley 2007 Europe 
Dependent 
variable 

Yes Direct Interviews Qualitative Micro  < 10 

Social learning Dunlop 2015 Europe 
Independent 
variable 

Yes Indirect 
Comprehensive 
approach 

Qualitative Meso N.A 

Social learning Dunlop 2017 Europe 
Independent 
variable 

Yes Indirect 
Comprehensive 
approach 

Qualitative Meso 10-20 

Social learning Farrell 2009 Europe 
Independent 
variable 

Yes Indirect 
Textual & 
documentary 

Qualitative Macro 10-20 

Social learning Fritsch et al. 2017 Europe 
Independent 
variable 

Yes Indirect 
Textual & 
documentary 

Quantitative Meso < 10 

Social learning Heikkila et al. 2014 North-America 
Independent 
variable 

None Direct Interviews Qualitative Meso < 10 

Social learning Howlett et al. 2017 North-America 
Dependent 
variable 

Yes Indirect Survey Quantitative Meso < 10 
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Social learning Ishii & Okubo 2014 Asia 
Dependent & 
independent 
variable 

Yes Direct 
Comprehensive 
approach 

Qualitative Meso 10-20 

Social learning 
Kamkhaji & 
Radaelli 

2017 Europe 
Independent 
variable 

Yes Direct 
Textual & 
documentary 

Qualitative Micro bases < 10 

Social learning Kay 2017 Oceania 
Independent 
variable 

None Direct 
Textual & 
documentary 

Qualitative Macro > 20 

Social learning Leifeld 2013 Europe 
Independent 
variable 

None Direct 
Textual & 
documentary 

Quantitative Meso 10-20 

Social learning Lodge & Matus 2014 Europe 
Independent 
variable 

None Direct 
Textual & 
documentary 

Quantitative Meso > 20 

Social learning Lowry 2006 North-America 
Independent 
variable 

None Indirect 
Textual & 
documentary 

Qualitative Meso 10-20 

Social learning Marier 2009 North-America 
Independent 
variable 

None Indirect 
Comprehensive 
approach 

Qualitative Meso < 10 

Social learning Montpetit 2009 North-America 
Dependent 
variable 

Yes Direct Survey Quantitative Micro (+ macro) < 10 

Social learning 
Montpetit & 
Lachapelle 

2017 North-America 
Dependent 
variable 

Yes Direct Survey Quantitative Micro (+macro) < 10 

Social learning Moschella 2011 Europe 
Independent 
variable 

None Direct 
Textual & 
documentary 

Qualitative Meso 10-20 

Social learning Newman & Bird 2017 Oceania 
Dependent 
variable 

None Indirect 
Textual & 
documentary 

Qualitative Meso N.A 

Social learning Nohrstedt 2005 Europe 
Independent 
variable 

None Direct 
Textual & 
documentary 

Qualitative Meso < 10 

Social learning O'Donovan 2017 North-America 
Dependent 
variable 

Yes Indirect 
Textual & 
documentary 

Qualitative Macro < 10 

Social learning Panke 2010 Europe 
Independent 
variable 

None Indirect Interviews Mixed Macro N.A 

Social learning Pattison 2018 North-America 
Dependent 
variable 

Yes Direct Survey Quantitative Micro < 10 

Social learning Radaelli 2009 Europe 
Dependent 
variable 

Yes Indirect 
Comprehensive 
approach 

Qualitative Meso 10-20 

Social learning Resh et al. 2014 North-America 
Dependent 
variable 

None Direct Survey Quantitative Micro N.A 
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Social learning Rietig 2018 Europe 
Dependent & 
independent 
variable 

None Direct Interviews Qualitative Meso 10-20 

Social learning Rietig & Perkins 2018 Europe 
Independent 
variable 

Yes Direct Interviews Qualitative Micro (+ meso) 10-20 

Social learning Schofield 2004 Europe 
Independent 
variable 

None Direct 
Comprehensive 
approach 

Qualitative Micro < 10 

Social learning Scholten 2017 Europe 
Independent 
variable 

Yes Direct 
Comprehensive 
approach 

Qualitative Meso 10-20 

Social learning Szarka 2010 Europe 
Independent 
variable 

None Direct 
Comprehensive 
approach 

Qualitative Meso 10-20 

Social learning Tamtik 2016 North-America 
Independent 
variable 

Yes Direct Interviews Qualitative Macro 10-20 

Social learning 
Thunus & 
Schoenaers 

2017 Europe 
Dependent & 
independent 
variable 

Yes Direct 
Comprehensive 
approach 

Qualitative Meso N.A 

Social learning Van Gerven et al. 2014 Europe 
Independent 
variable 

Yes Direct Interviews Qualitative Meso 10-20 

Social learning Voorberg et al. 2017 Europe 
Dependent 
variable 

Yes Direct Interviews Qualitative Micro N.A 

Social learning Witting 2017 Europe 
Dependent 
variable 

None Indirect 
Textual & 
documentary 

Qualitative Macro < 10 

Social learning Zito 2009 Europe 
Independent 
variable 

Yes Indirect Interviews Qualitative Meso 10-20 

Policy 
interdependency 

Dwyer & Ellison 2009 Europe 
Independent 
variable 

Yes Direct 
Textual & 
documentary 

Qualitative Macro > 20 

Policy 
interdependency 

Giest 2017 Europe 
Independent 
variable 

Yes Indirect 
Textual & 
documentary 

Qualitative Meso 10-20 

Policy 
interdependency 

Hudson & Kim 2014 Europe 
Dependent 
variable 

None Direct Interviews Qualitative Meso < 10 

Policy 
interdependency 

Kahn-Nisser 2015 Middle-East 
Independent 
variable 

None Indirect Official Data Quantitative Macro 10-20 

Policy 
interdependency 

Lundin et al. 2015 Europe 
Dependent 
variable 

None Direct Survey Quantitative Macro < 10 
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Policy 
interdependency 

Motta 2018 North-America 
Independent 
variable 

Yes Direct Interviews Qualitative Micro (+ macro) 10-20 

Policy 
interdependency 

Nutley et al. 2012 Europe 
Independent 
variable 

None Direct Interviews Qualitative Macro < 10 

Policy 
interdependency 

Shi 2012 Asia 
Independent 
variable 

Yes Indirect Interviews Qualitative Macro < 10 

Policy 
interdependency 

Shipan & Volden 2014 North-America 
Independent 
variable 

None Indirect 
Comprehensive 
approach 

Quantitative Macro < 10 

Policy 
interdependency 

Van de Velde 2013 Europe 
Dependent 
variable 

None Direct Survey Qualitative Meso 10-20 
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i In addition, the so-called ‘managerialist’ approaches rely on insights from the political and organizational 
sciences to examine the development of the intelligence, sophistication and effectiveness of public policies and 
public administration. In these approaches, however, attention to organizational concerns has increased over 
time to the detriment of policy concerns, with a focus on organizational learning, inter-organizational learning 
and the specific role of bridging or boundary organizations in learning processes (Moyson & Scholten, 2018). 

ii While research ontology and research epistemology could also be considered methodological issues, they fall 
beyond the scope of this article. 


